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WK, 50 B 2#2 2 F (education ) 39 ¥K, 56 = &
Je#S RYE (system) 15 Y, 55 DU 2 R 2E#0 A5 (mod-
el) 12 IR, 56 T2 R 28 #1 £ R (technology ) 10 YK, 55
NI AH#] S (environment ) 10 IR, 55-L 2 E2E #
0 K& (big data)9 U, 55/ \JE R IH1 HIH (knowl-
edge) .8 (LK),

F&— 20082018 £ EIHE AN T MRS IMKHEIR

FS | 51A5R KEEiA RxS
1 66 artificial intelligence 0
2 39 education 2
3 15 system 5
4 12 model 0
5 10 technology 1
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7 9 big data 0
8 8 knowledge 1
8 8 student 4
8 8 design 2
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toring system , pedagogical agent 55 55 ir) & Rl 1 “ 4
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GEAWIFEHLN . B ETSE (Wong et al. ,2012) ji
BT LR 2 > E S H B R ) N R
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KT RV RS, FH LAPPAG 2 2] 5 B R L 38 N
Ve, 4ERLFRIFEE (Villaseor et al. ;2017 ) i i %) & 5
B SCHRS LA T AT AR 204, A S A I RHIF K-
Bl/RE S (Koedinger, 2015 ) 38 it X o 52 56 0F 5% &
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B RT SCAF TR )t e ke X o, B 357 >0
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s N A EER . K E G % E BRI (Chen
Yuan,2012) He TR0 R GETF & 1 5K 5 NXT 3 GEHL
ar TR HE . PUPEA 228 R 1% (Cullar et
al. ,2014) ffi I SR AL AN 256 Sk i KU B0 I &
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BEASPEA 2, 2000 04 1 €5 7] RE 23 5% 1n) 07 B Al
TEPEHLARAE 3, M da o AR i ORI ML SR e B 7 o
AN AL GEUR B FNITAE I ZR 7 A T S aw ik b
i NTHEBEHF YL Ay R A, F 2w+
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e P ARAERT ORI A X T 5 PR 7 2 2%
AR AR ] o R R A I % 25 35 4 307 55 ( Timms et
al. ,2016 ) ¢ N TR RE Hlds N I A& IRE AR 55
HEE G LRI T2 N FE B L A, T8
TR A E A G N TR RENLAS AME R 2T Bl
T I EGE IR ) F A SRR B A S
ZFEHT (Santos,2018) JF & T HBEHF B T, 7 51
BUBMABE ) HAET , W FEH T # A 2 A
PR . N LR BRHE VL NTEAKZ T A%
SR A H, 0 T e B Pk R, A A8 T (Timms,
2016) fi i AR H 2, Z0F Hlds ORI 20 52
L A s SR T R BE L E . AR
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HIFAMLAE ALY FE 2R
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Bl , 0 BEE L E AL TR S R 2 2 R, B
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DR TN 2T A7 Ay TV O 2 KUK Lo AT SRR
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HE B NEE S IRONE S AN G AR, BRI S,
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55 (Nigenda et al. ,2018) it 1 F T HLA FPEA 2
A BRAR R SEIEASERY , ] L Sy 2 o) B B (I )
& M2 J5 % IR A (Moon et al ,2011) j i
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FeROR 5 FERE 20 2 S R 5 B
BUp ) AW S5 T7 . 1A 94 22 5% (Bernard et al.
2017) $2 i ik AN T8 B ILHR i o o 5 2 UA
PUIRG BE , £ A~ PR ARG HE 27 5 B S $ R 55 ( Sa-
marakou et al. ,2018) J & T F TR EUSCAS B i Fil =
I NSRRI B ) R 88, W AR AR A C
(827 2 XA 5 BT (Porayska,2016) 2 A\ T4
AE AT LI SCRR 208 S BRAN B STl R 7 518
Fi s 2f 2 52 O R Bl 25 ( Samarakou et al. ,2016) 32 H}
BT NTHEBER A2 B B B PP RS, RE R
AR IRRRE ST VEAG A AR R S RT RN N A 2]
RS SR A VEALHS B, X 2] 5 i R B A T S = A
TETEPEHT 5 15 JE 55 (Kenny et al. ,2009) I % 1 iH5
PG & 2 2 M 2R i BB 2 B FIEERE R 4, 7T LA



A KL 2 B RTA LR RO LA AL BT

OER.2019,25(4)

B A TR RS 5 WA A 55 (Harley et al. |
2017 ) 3 5 8% 5 AH 5C 1Y SEUE B 58 F S B A, 1
RGN RGERIT RS 728071, IR 7
H W R 422 (Stantchev et al. [ 2015) 21 TR T =
TR A 2T IS5, AN BEHOR 6 P A Rl 4
S 45 5 I AR R AT 5 G O AT, AR T A AT TG 1
FIRGER , PPl P AS IR R A I AT
FHICRIBESE A, A8 B TP 3R A5 n) TAE . AT
BRERY 2 2] SCHRFHEFEA i [ 2 L SF (Han et al.
2010) DA T2 AR A DL 37 0 48 S0 BE Al T & 1 ] £
FIRILRGE e g~ . N LR REIR v LIA
JE A 2 > 25 18], INBERLSE (Kiraz et al. ,2012) Fi| ]
NI BERARTT & T MU S50 2%, 7l DL AT SL 52
By, S TAL G S I 2 =5 (), S BTG AR 27 > 5 v s
4% ( Munawar et al. ,2018) & H T 3L T # QBN A
R e ) A AL

6) o2

7548 computational thinking . college student , de-
sign ,experience . organization , stem # &5 56 4 1] 72 1%
TR R AERT T T RE . TR s TR ALR
AR LRI & IR AT IR RER A R GE T e AN 2647 o
il S R e 1 Bl 36 [ o AR BB A (Sung et al.
2017 ) i Xof b S 56 A 58 A IR, filf e B8 ) R 5
OrEOASS ST R E AE Y S B AE B, TR R Y
B S R G FEEL RE . 0 PR 4 5 2% ( Gadanidis et
al. ,2017) fF5¢ 17 N TR RE G R dE B i 2
[ F8) TR T N BB G 2R o Ay R 1L A 45 55 ( Silapachote
et al. ,2017 ) ji ¥ N LR RETCR B A 2N L
P ARSCERFE AT S B W5, K BN T RE AT LA B: %
2 BRI 4 R RN A S R R R A R

2. KR G IS #r

DR 58 kA B — BT ] N, 120G B R 45 |
FAZR LT EE T B, wT LA 30 S8l i v S K e
G SR B O, R Z O B R AR 1 N
[F] B H BRI A A A bl sy o fT T S 22, il e —
TIFFE TR N 1) 25 28 22 0 A A ol DR 1 e — G B 3]
B2 BRI Z U 7 A T B, B B
TR 15K i ) o 7 AN I ) R SR B, i
F 5 R ) A R DG B A

2008-2018 4EZ H N T BRI 5T W, B
PR RYER L 0 N TR BE, I 3. 06, 53

A 2009 4R HYCRRIHT TRAH , RN
2.88, SEHIAEN Jy 2014 4E,

R 2008-2018 FFEISMNE N T E REF RIS HE A

Fs KEEiA R EHh | BES
1 artificial intelligence 3.06 2009 0
2 engineering education 2.88 2014 1

HAE N TR BEM RO E2ERBAE I EAR R
INAREIDYS4:EN W SNk G To ZOM IR k7L IS LD ¢
P Gz A N TR AE 2.0 26 R 445 (Slim et
al. ,2018 ) LAMJHK [ g ik 5 TOAT B ] Tk AU AR
FINTRRE A, T A i AR 1 AR I R B8 5
25 (Aluko et al. 2018 ) FAUHR 2 i B T 5%
b e 2 o) ST SR R o R R AF (Meh-
mood et al. ,2017) F| FHIR I R K dhs | it 55
RIZ“2 T HORTT & UTiLearn (RZAE54 2] R5E) | fif ik
Bu o Mr S RS ACH. R GUAT IR HLRI Y
FAENE BT AR TR B o 22 K A% (Magal
et al. ,2017) i i $2 AL LR IH 5 2% 10 R 40 0 1 20
Ya4k iz EREAE Ik oo bred A1 A hE 5
GUN KR A /R H4F (Silva et al. ,2018) $i2 i 1] H]
N T REA AU B S B i B oo T BT . A
TARKNLEGE L RS, b E TRB i = 86
+:(Pan,2016) fifiid 7 AN TR GE 2. 0 JE B SN
AN TARRE 2. 0 JF AR BB fURTZ O AR,
H4h A A2 R R AR 3R N T B 2.
0 By . # /K (Roll, 2016 ) 7E 73 Hr ( AIED 2% 7)) #
47 SRR MBE N LR VSR PN 7 1) —
TR IR, S 2 AT AT PR AL S, BT ST EOAR A PR
FHAN T TR TR AR, IR T ROREA
PRI FOR AT SCRFE AR RSO SRR AR SE

TREHH 2014 AR5 O EA N TR RERI R
B BB N AR, TRHHE , A
ORI T R BB ], (AR TR E R HH A
T BEBE ST 1 A AT R BT BT T 1) o R B
(Carpio,2015) $& it i [ PR7E RS BRI A " HE 1Y
AL, P R 5 2T RS B SR} AF (Samarakou et
al. ,2015) 41 &N TREE 2 H TP R L= >
RGN TS O, IZRGREET N TR REN
AF LW AR R G, n AR B AEE S R
PETTENS SIS PERAABTSS o B s
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(Atilola et al. ,2014) FHL.OKHUBAEL IR TR L
WA AR Bz AR A RE Ty, TR T & T 14T
X AR 2 A 122 2] R GE, Fui/ro A APl H il =
B A1 P 27 e ) I AR ) B

3. KR pO P A

BRI A RO AT A AR S B A DT ST T A
MR (LR =) o IR KB (big data)
S—fr, U BE R 0. 49, 8 RIEHO0 s Bl f5 AR L
(children) , F.0 R 0. 47 , R B2 2K#2 ; 3135 ( environ-
ment) H.0 4 0. 34, J8 2K #1 ; T [A] 44 ( communi-
ty) BN 0. 33, J& J2E4T7 s Wit (design) b &
0.3, JEE#, FH /DA (adolescent ) 1.0 JF )y 0. 28,
JEIIH2  BOR (technology ) H1.0 B 0. 25, J& R+
1 ;145 (recognition) .0 FE A 0. 24| J& 243 s SN E]
26527 N\ (american indian) FULEE R 0. 22, J@ BE2K#6 ;4
4% (experience ) FULMNE M 0. 22, B R ISH8 .

FR= 2008-2018 FEMHEH A TEREFR L XEIT

Fs ES et Rl RES
1 big data 0.49 0
2 children 0.47 2
3 environment 0.34 1
4 community 0.33 7
5 design 0.30 2
6 adolescent 0.28 7
7 technology 0.25 1
8 recognition 0.24 3
9 american indian 0.22 6
10 experience 0.22 8

SRR A4 Fp s BE e FEIRER R, G B 1) R AR
" HewE i, AR R EAETEWT 8 TP AL T 4% 0
fif o FAEHTEE (Santos et al. ,2016) $2 1 KA HA
TE SRR IZ SRR ) J5 A BRI BE, T 25
WA RBRAL HE 3D TN S PR B A RO Y
R AV S RE 2 St 1A RS UL
Mz 338 1 AR EE X D PR 408 3 SR,
W RZHE N LE RV Ry E I

K JLE” AR N TR RN Rk L E AL
SRR h R E AR, RERBORAHF b
PRI 48 (Porayska et al. ,2012) DL & B0 Hl2# |
MBE ZAR B H, N TR RE ZE 7Ry ARl

. 48 -

TEA T Ak | PG LB AL A H RE R SR 1) A
AR A EHOREW B SF (Huang et al. ,2014) F1 /]
NI BE AR BT A 7 B AT o e D AR 456
MEILEHE AT N BREEERRE - R R
%% (Loup Escande et al. ,2017 ) 38 i< 38 5% B 32 F7 AR 184
SRS TE LR ] AL G Rt , AL B R R T A
B2 i R 87 ( Drigas ,2012) 3@ 3 434 2001-2010
N T BB R 20 QU b TS, 48 1 AT
BREMGE TR L 535 B8y 2, ek 1L
B AT B AT A R S A
NLHE, BETY B Re ok JL 2 2 o) SCHE Ry +E 2 I Jk
k.

HL TR 3 o ) BREE rh i B AR EOR
4 (Kim,2015) g H 22 ACRBEE 0 Hl 2 2 A2
PR RETE T4 R B OCTTR R AN fr Ry 27 ) 5 4 1t
TG, Z8538h (Johnson , 2015 ) 42 4 3 i) 5t
REEAR SR REY I I AZE & A BELL A AR (26
AN 522 2] B AL B RE R GE, DT 56 B 5 4
22 2 ROR

HL O] 4 2T N TR Ren s Bk
ARG, PHEA %4 ZACHT5E (Santos et al. ,2015)
Fe i 7T AN BN TR BRI 27 S R
G, 45 ) ] P AR O S TR S A ) IR 55 L fe itk
P EBNS 5l

UL OGRS O & N ) SRR Gk B
2255 (Kose et al. ,2016) JF & 1 7 g B i N7 > XX
FeRGE . LRGSR RE M 07 ik LRl TF & T LA
INHUR AT RN ZRIE 1 N i 28 o 28 A
ZER R RG] LU R o A e ) S R R AR
AL 2] S

L G HETR] 6 S N LR BEBTHORTE I B A
IR o % [ 27 3 4 (Kim, 2018 ) 42 H 44 g 56 T 1
RO R R BUE R g8, I T LR 2E G,
B E B R GERE S [ AR R L PR R A AT Y
AETE ST R (TH RN BARTE 5 55, A4
RECFRCR

[KI>A american indian ( & EENSE L N) B4 5
& AL SR8 FROCRA K, AP HTEH

(=) AE G HA LI R AT AL S

1. S i) I 1 40 M

SRR 0 45 T 5z e — U Y i IEFE FR
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Ko 2 3 BRI WP SE AR i (R, 2014) o Lo, (&1 3 12
718 ,2008-2010 4EH N T2 RE Y R B R) A 2 )
Z 45 (learning system ) |, ¥ &= 1k 2% 2J (e-learning ) ,
2011-2013 4= () fF 58 T4 5742 Sy JL 3 (children) (33
(design) . 2014-2017 4ERYBIFFE A N L BE (arti-
ficial intelligence) , TF2Z{ & ( engineering education ) |
#E (education) \ 2245 (system)  F7 A (technology)
4 (big data) , 31 35 (environment ) | 5 5 ( model )
2018 AEAIHT 5T RS & G5 UM R 4t (intelligent tuto-
ring system ). ffl 2 B} 2% ( neuroscience ), ¥ 4=
(student) B} % (science ) | & 25 ZL & (higher educa-
tion) . JG/3HT ( meta-analysis) % J#& A 1 ( emotion rec-
ognition ) 3, MWFFEHARE , B0F AN LR RENH 3%
PLET 20152017 4, 2018 4 H BUH 19 N T REHL
AR PN T 20F , W E TR R AL T 2
FEE GNFIRE 2 255 5 R T2 1 I 1 RGA
A

2. RRAE M

AN AN [R] #1 B Je 7 T 5 45 38 1) 70 A (R
15,2014 ) , REAFE BT T8, IR 4 a] RUA B,
HENTHERER K& J& 32 7E 2015 4 )5,2008-2018
FEHH N LR BER T I 83 R & 1 24 #.
2015-2016 4F i FR %5/, 2017 A ALGE Yk, X

CiteSpace, v. 5.3.R4 (64-bit)
2015%48125 J::nmamw
018 [Slice Length

=1)
i 50 per slice, LRF=2, LBY=8, e=2.0
, E=161 [Density=0.0353)

runing: Pathfinder
Modularity Q=0.6985
Mean Silhouette=0.653
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P4 T 2016 AEBT/R 20 MR PO B BLE T, A
TR REFHR BT TR R, 2018 4F4E 2017 4R AT
Wb, U2 N R RET T SUEM 2016 4ETT- B i
YR, B 2017 A BTG, 2018 4 1 BF5E UIE0E
Wk TRE . Wt UL, 208 AT RENIIF LG UF 5T
PRI, (B AT R € I BIESE J5 1], 2018
G, N LR RBTE 2 F GUsUB Wrike 25 1 WH 98 5 1), OF
BT BB R AELLE R, HF AT
BREAS [FIAIESE 7 0] 1) SR B2 08 20 1 58, 3B P AL R
PR R 25 2544

3. I [A] AL & 73 A

PR i) £ AL 1 8 T ¢ IR A WF 5 5 FET ) 72
A W FE I SR TN A% AR A B BIF 5 A 1) 8 i 2 30
(BRfiE,2014) o AWFELS G CiteSpace [ 77 I 7 £k
(Link Walkthrough) I8, 73T H A L& RETEA[H]
I DAL T SRR SR ARAT I 3

FAHO YL P\ 2008-2017 4E— B Z W58 # K
TEo Horb, 2013 423X KA R B Tl , Z J5 B i T
R 2015 AR T e b MR DGR A) R 8 s, O — A
Rz,

REH] RE R AR 2011 4E— B 2L 3] 2018
47,2015 AF BT e 0 PR G B3R 2 R (technolo-
gy) P11 (environment)

E 3 2008-2018 ESMEE AT E BRI XA L IEE
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2008 2005
CiteSpace, v. 5.2.R1 (64-bit)
201946 FI30H 40912951368

S: D:12301\nput

Timespan: 2008-2018 (Slice Length=1)
Selection Criteria: Top 50 per slice, LRF=2, LBY=8, e=2.0
Network: N=96, E=161 (Density=0.0353)
Largest CC: 89 (92%)

Nodes Labeled: 5.0%

Pruning: Pathfinder

Modularity G=0.6385

Mean Silhouette=0.653

#7 american indian

B4 2008-2018 FHE AL EENERUE

FFH#2 o RS 2008 4E3 2015 FFWFR—H
Frgk, 2015 AFJF TR IR o X —0FFE ERU GG
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R Bl 2 1E 2016-2018 4F ] — HAZ 5%
HORTE S M, (H— BB AL, B TE
gL, X —WF9¢ T 2015 4R B T i oo M oG B
i) $1 28 M] 2% ( neural network ) £ H §ij — B & UF 5%

RR# N TH REAE 20132015 4 [a] 427 H 2
B oG B 1) 2 e 5 U 2R 4% (intelligent tutoring sys-
tem) \“7/E (student) , Zi% FRAYBIFTE IR o

REHS =5 M 20082015 £EFREZWETEH
HAL, 2009 4F I TR T S B T AR GE (system ) ,
2017 4 H LA S 1AV i S5 20 F (higher education) |
TEA L, BN T RETE W SR 2 T BT 8 2
Kt

o TN 4E H FX I IE B K JE
N AT U, H A AN RERIAIT S AL

RIHT L[ ENELE AHETE M 2009 4 B AL —
BAEFRSE , american indian [{) 14 5 f artificial intelli-
gence FH[A], Fr ILSCN — 4> TR 2K

RAHS T s BN () 5, 3= B v AR 2013-

- 50 -

2014 AFJa] XA A H BRI IHT LB 2N
EBRG

T R TR 24 A0 1 0125 ef [ B ) (i 456 2R T LR
HHHE AN TR RERTIE I LRI A, UEE H I R,
AR AR H , BRI R IR AN A e K4S

B BE2540 195 S N T8 HE (artificial intelligence )
T L AR 2009 48, W) 4E 14 7K AR (model ) , 5
2540 1Y 2014 AE75 S A% BB (intelligence ) . ZR 2540
BT N T8 BE (artificial intelligence ) f% 7K 5 £ 748
b, AR 8 S A T 32 2R A7 2014 4F

2009-2014 4 N TR REMF 7S RAETE L= R G
AIITIE . BRZE#2 7Y 2009 4E75 2 F (education ) [A]
SRR R IRIEH0 1Y 2009 4FY i\ T BE (artificial
intelligence) , 55 7R ZEEZ5#2 1 2010 35 5 2
] £45; (learning system ) | JS#2 1) 2014 475 5 )L
# (children) , 2009 R 2E#2 7 S A F (educa-
tion) , f& 7K 56 R AL, IR 4R JE LW, R AT
2015 4E,

20152017 AEIG3[a], Bu] 7% 32 A 3 ek N 2 FL AL 32k
SR NS R W ISR € TN A i A €
AR BATHR N THE, SRR REMEG, X
P RUAL KOG R R, KL RETE 2009 AR50 2 T
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IR T HR 207, R 2640 19 2009 48 H LAY Y
RAE RN TR BEE et /R R I 40 1 2014 4F
TS REE (big data) , Ho G 7K = R e#1 vh 2016
AT 538 H 22 2] #1345 (interactive learning environ-
ment) , i f5 R B RAHO tf 2017 7 S HH BHRIZ
it (education data mining) , RZR#0“ZFH AT
BRE G RO R AR F R AT 2017 4F,

AT REHE S OHOR IS, 2A N LR fE
AITFET BE AR BEA MY e o BFFE )2 I )
WABIT R0 S8 H 3K B RE T 0 IR I8 R 25
Gk, 2012 AERIEHO rp s B rp O PR GBI Y A
KEHE (big data) MAFSY, — HFFLEBIIAE, 7T 0K
BN TR REC RN E Y], e N LR BEROCHE
DRBE Y L ) A PR L R 22 B8 rh iy = 2 ) 146
(community) ", i J5 & K = JR 2 #3 th 2016 4E (15
MDA AT (recognition ) ” R ZE#0 2016 4T 175 45,
“ ik (feedback ) ” BE2K#0 1 2017 475 5 “ #H 5L
124 (education data mining) ”  Z2540 1 2018 4F
TR HIR I (internet) 7 FEZRHO " RBHE 4L 7KK
R B R A A 2018 4,

RAHL v 2014 4F 1 8y v M DG B Y AR L
A (technology) ™, 7E [F] 4 4% 7K 2 R IEHO Th i~ AL
5 (big data) " FIE 2544 ARG« Gk ( performance ) 7,

2 2 2010 2011 2012
CiteSpace, v. 5.2.R1 (64-bit)

201377 HSEl F4-12IH06 558

WoS: D:\12301\iny s0ib
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E= ty=0.0353)

PR LR R IR e#4 vp 2015 A0 B RE UM R 4¢ (in-
telligent tutoring system) ” , B2#3 1 2015 475 45,
““LR%IJ(recognition) 7 RKH#] Al 2016 AR A N
FNEL2# (cognitive science) ” . BEAH] “HAR " fL K &
R F B AAE 2015 4

2017 AE A A B KRR 0 K R, N
TR BERIFTFZUHAT R b A HEE R AR
) BRI S STIARISE BRI A5, IR
A FE PR REAL T A . SR2E#1 rp 2015 45 i1
“I£E% (environment ) ” f& 7K 2 B 2K#3 Ty 2015 AT
B2 2% (neural network ) ” (B2 ZS#1 H1 2016 4ETY
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(interative learning environment ) ” £ 2017 4E37 & “ F}
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HAE 2017 4E,

4. I XA oA

Fisk DX A0 P A0 . D s ) 4 55 9 s B 9 ) T
B X SCHR B 22, 150 BIZ U AL T 25 SR I, A
B2, AR FARAT I o X s XA & 437, BT LA BRGE 53 At
WFFE TP TE AT (BREE,2014) o |18 6 YR [X
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2014 AEWFFEAL TR 185, 2015-2018 48 N T4 REH

2016 2018
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U BNz s, R K R i, HLAF S KA, B
TOREE B BE IR MLk RO R
BAESE T BT R AT S B

W B REF AR A IR

N T A MR [ AU N TR RERT T
e IR AR TR B 7R , A b ZHE R [
HENTHEBER O IEIAR . AW TEAE H E R0 LA
COOHIT] =Y B CSSCI T = Y) I HAF be-
tween (2008,2018) - H. ( F = A T A sl 44
= NTHEBE)IIFH(EE =HFRHEEL = 8F)
CRTRIC IC ) o KR A5 1, 5 B 0 56 STk e 3 414
495 i SCHR , SCHRECR 70 A1 DLIET 7

Hil& 7 ATLA Hi,2008-2018 4, [ A LEH A
TR RE R FERHEAZ L BT CSSCI AT e 3% 1 SCHiR

12 2013

CiteSpace, v. 5.2.R1 (64-bit)
7 HSEl FA01119 5504 £
/oS: D:\1230 1input
imespan: 2008-2018 (Slice Length=1)
Criteria: Top 50 per slice, LRF=2, LBY=8, e=2.0
6, E=161 (Density=0.0353)
92%)

o R 5 B % i . 20082015 4R 20/ AN T fE
RS A SCROR D B4R 2 20 J, PS8 A5 S5 U AR
B BEA BT ST AL, 2016-2018 4F [iH N T4
REMFRICOGE , #0 AN TR BERBT 7 BRER LK, 21
2018 4, FAF b 2 SCHR R #1230 i 7c 47,2016 45
TP R

AWFTEH 20082018 4F [ Py %00 ] ] 55 CSSCI
BT 2 3R N TR RERIT I SCRRIEA T G B A SR
SIAT, T R R R B 6 IR LA E Y DG (L
8) o WMAE, ENIEHAFHE N TR BEM BT
AR FHE WA R 2 ol R
KHH Hlavs ] HEEEA 2.0 #H0m R A
Pefbe o] RIEHE S NS IE H , E
W EZOCE RS T WAL HH BB H A TR
WS, B BAR DR R P~ 2 ) T R EOR

2015

2014

american indian®

—KLowIledge;

ation
ci/aVintelligence in education

rtificial’intelligence

E 6 2008-2018 F£HEF AL E MR XUE

- EEFESE

AT

0 T T T T T

2, <o, 2,

T T T T T T 1
2 2 R s 2 2
% % % % % Zs

7 2008-2018 FEINHFALIERFERIEES
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GIMTTEL S 2 A5 [ I 2 20 3525 2147 ol AR A4k
o) BEEIROR . BE N TR ECE A
TR RERBIF 5 T B 2 o OC . 1% U 5T AE 2016
AP R BRI AR, BRI TERrSE, 2016-2017
AEMIF ST Y 32 A L B A3 1, 2018 AR YE 4, 78V R 2 B
AT 7 B9 07 1], AR A3 E TP AR

A TR BE R 2R B IR A TR B
B MR 2 SR R TE 80 o A Hir
KR, EAEE AN TR B M - Z5 44 /] L
IAZ0 R LA JL7 T -

DATHEBABTNHMHEEHRRE., BNHF
ATHEBHHEHR R EEXLFEHET AN THENN
TR L e T I A2 DG B R R L Ny FH AE 4R 45 (1= AR B,
2017 ; H5 £ 5 ,2018 ; B3R , 2018 ; 47 LG ,2018)

2D)HFEMHMAN TR A, BN ANTERE
HE DR FEA YA SIRE S ] R
PR RE 22 2] o MLER R e TR A BLCER BT
A, R\ (2017 ) R IHLAS 2+ BE W H +
BRSO AR T 2 2 AT Oy TR R A X
Wr 27 2 SR VT IU R0T R A A N T . X1 B A
(2017) A RBE S 2] BB T T2 8 8
REBh B BE R G IME T F E S, R ES
(2017) BT 20F REAE BTk Ak 27 2T 45 R 350

CiteSpace, v. 5.2.R1 (64-bit]

zmsgisﬂau H _E410M373158)

CNKI: D:\04 1Bloutput

2008-2018 [Slice Length=1)

riteria: Top 50 per slice, LRF=2, LAY=8, e=2.0

=158, E=202 [Density=0/0163)
189%)
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Fa 5 AN SR . B0 BSE (2018) R EA K
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2 T HERE R G O Wk AN BLAs NS5 A
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Hotspot, Trend, and Enlightenment of Educational Artificial
Intelligence Research Abroad

CHEN Yingbo & ZHANG Wenlan

(1. School of Electronic and Information Engineering, Ankang University, Ankang 725000, China;
2. College of Education, Shaanxi Normal University, Xi’ An 710062, China)

Abstract; In order to apply artificial intelligence in the field of education, to accelerate the realization of artifi-
cial intelligence to empower education, we searched and evaluated the available literature in the topic area. We col-
lected 313 papers with “ artificial intelligence and education” as the theme from the Web of Science database and used
CiteSpace from two aspects of text analysis and views on clustering analysis. The results indicate that research abroad
focuses on the artificial intelligence education with “intelligent tutor system,” “the robot of artificial intelligence edu-
cation,” “machine learning ,” “learning model” and “wisdom study,” the “computing thinking”. Research tends
to combine computer technology with neuroscience and cognitive science and apply it to learning cognition and emo-
tional cognition. Based on our literature review, we propose that education artificial intelligence research in China

173

should be “ deepening the research level , pay attention to the study of consciousness, emotion, and attitude” , “ attach
great importance to the effect evaluation and influence factor research of educational artificial intelligence” , “use VR/
AR o conduct cross-media integration research and construct intelligent learning space” , “shift from knowledge mas-
tery to the cultivation of intelligent core accomplishment” , “promoting learning content , teaching model reform of ed-
ucation artificial intelligence” .

Key words: artificial intelligence ; education; visual analysis; research focus; research trends

- 58 -



