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PRI Ik HOR LI RS (h
e Re e, B 22 DK, 2017 ) o fE R TP,
N LRGSO M Z BB AT 7 L EILT
AE[A], ATT—HBO) TR0 BEA R i R
B, A N R BEZC s R T T INREAR,
RN TR R RGN/ . F1E20
142 70 ~ 80 4K, N LR BEMT I & B0k A e 550
PR RAR RS U AN TR B 2- &
G5, TR U B St T N A 22 2% ik 25
B, b, A B2 ) 28 A5 8 ( distributed con-
nectionist networks ) f B FH g )12 o IZABUEGE R
PUR B L ER 7 CINME & X & s M55 ) LA A
X7 SAFEAE N T 2 245 B0 v 5 AT 28 R 4%
IR RS2 LA R 26 b & A BT IR AT AT 0 5 =
BRI 5 2% P 28 BT LA BCT O7 s 58, im A5 R ] LI
T AR AT BT O I 25 AL RE 31 5 i T i 4%
BT A A B TT 5 ) 45 3 2 48 SO ER AT BT [A] 1 32 4
SRS PRI A R, X TP 8 S 0
AR % 2] (Flasinnski, 2016) . 7E N THEAES
SERHECEERL G T, o AT B2 ) 4 A5 TR 1) B 7
S NTEBHA RS AL BN . LRy AT
fFE“ Z k7 (Intelligent Distribution Agent, fij
IDA) | Bifif5 #E Al H 4 22 % 3, IR B BRGK 7 ( Learning
Intelligent Distribution Agent, f&i#R LIDA) ,
(—)IDA

DA, LFR AR BE 3 A AR, Fe ) o o 56 [ o
I R —FpEA B 3 7E R R RE A (autono-
mous software agent) ( Franklin et al. ,1998) , £:{77K
TAEAL S AR R4 A B 24 KA — &5
TR A3 BB AL 55 0 e, 31X — 20 Bl A oh Vi 75 e
I 280 ZH BT AN T8 M. Aflix—d A
ik, d JE B R < B B I 5T /N 41 (¢ Con-
scious” Software Research Group) 3T JAVA & JF
KT IDASEE T A SNEAE S5 4B, i R ALK T
Wk BA B MR R, 2 — 14t b
ME THEWEN RS MENELHERN ),
BRE A R BT A2 AT DA i Ly 7 NS Z M
HAER, SERC B &7 AT 55 F0 B AR [FE, B RS
IS AREAE HI 0 7 2CRR FT RE s J5 22 5 B X 3
35 90 0 ( Franklin & Graesser,1997) o 15 & gk I
Tz B E R E T R A 22 3R A

SIS N TRh VAR = N 82 N ST T 20 S s I P T
S5 B2, B — T AR (cognitive agent )
A EIRAYUIE” (conscious agent) o 5 H B H
FA R, XA QLA g 2 R 05 M A 1 1, RETE AR
ANEN A1 BT B TE b e e [m)
IDA J& 5L T 12 /K 37 ( Baars ) 19 42 Jmy T A 25 [A] B
& (global workspace theory ) 47 @44 ] ( Franklin et
al. ,1998) 42 Ja) TAE 25 [a] B2 2 i e A\ S i iR e
HOE AL A RIS . TAEAS |7 2% N AR
ICC—FEE BT . IR R , BN R G AE
—PEFR A AR TAEZS [A]” B 45 1, i E IR RS
i —REBCE IR B2 . BRILZ AT, B B AR
LA AT ICRGR N T L T T FES ( specialized
processors ) FliEEE (context) . F [ TANFHES B AE(E B,
B R R S R B Y S A, TR R T
SRR B TR, AR EERS S, IB5ENZ2
ERNAH B AYEIRB S, 645 H bris
B RS MRS TR S AL R SRS . 2R
BN B E L K AR BN A R E B B
HRRGA BB, HaxX e F PR o R oA
PUIM AR P Z [) (4 5 4 JPE ] DAE A 42 JRy AR S
() T e R 3, I ) A T B R A A T
7, LA 3 HoAth JC 2 U Ly 2 1T AL B AT 15
BAZ H I ) i o 24 117 0] 751 ( Franklin et al. ,1998)
BT, IDA F 245 I JLA R (Franklin,
2003) : 1) B B, ZAE R E AT A KT & 4
HAMRE AR THEEE . BEARMERNAT S
fi A , T ER A SR R A T SR TR o AR
R R P L K A Jl A S0 v 5 PR AR
JEAFHE I R R 2R 5, SR B TR A A DC 5T
Ao ARG B, SE 3 AR TE S R 2) B
Bk o IZARHR R A R RS s A5 B RE BB B
B IO AR ), BRI, B L)
B B AE 48 ( coalition manager ) | £2 5 15 il 28
(spotlight controller) .~ 4% 45 ¥ #3 ( broadcast manag-
er) FITE B /ML EE (collection of attention codelets) .
PAZE /K T3 BEAT: 55 ], 13 /MRS 2 2R B )
AL BUAE A WS L T AL B WA K T 4
T A TS B R SR E B A
TR, FHARAEAE 555K, 5 R IR B A AR OG0 B gk
FTVCHC, s e R T4 R . — B R
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L, WA X A SE S rh M, N A0
UANESIRE G =Lk RF R R A =N A Il DS Ra iR e
AL ICH, 3) TAERS M, ZERH A S
N LAECICARTR 1 £ €, A4 R e 2 15 B 3
B A AR 1T T SR IR AR A SR 1 A A
o 4)IELEREEL, IDA AT L IR, INAS SR
5 R TH A TCRE U IR K T4 52 G AT 45 ) S
PASBCRE BN 3R A K T8 B IKSE . 5 AN—FE,
IDA WYTEZE 25 W AT SR, i i N B A
KIPIRALICAZ W o B2 LA B N2 ol A7 BRI
Ko 5) PHEBEH . 7EK FHAT 58T 55 J5 , IDA A
NEF AL DT 45 A BE BB T OC TAT 55 43 L 1 W6
R USRS TN, DU K T 548 @ T 55 195
BRI R B A TS,

(=)LIDA

S IDA IRZER AT WG — 1538 IR S5 BEX
AR RE A B 59 250300 19 15 B 1% 32 2 BE ( Baars &
Franklin,2007) , TDA HJ&“ —DHLBAL 9 PLA , 2
— PO T X f R R HA s K B KN iz
P B AR UL (Bridgeman 1996 ) , i A B A5 B
BRI RE ) o BERTIX B[] @, A58 78 IDA (1) 35
filt b, 39T =AU A3 0 i A o) I
s M MR FF Ak %% 3 ( Franklin & Patterson,
2006) , WIFil i 4f 77 22 387 (Learning IDA, & i 4
LIDA) , AT IDA HAG 7 2] 1%

LIDA 7E5 2 (2 AU T AR AR /R, A
FR AL = AP B BN B B R B BORIAT B B
B (Franklin & Patterson,2006) , — B DA, XF AR ZE%F
ZHTRBE M N TR RER O Bl — . 8,4
X G At IR Ry s A B ARIE AR , OF th 3 28 A X R
HF 2P E L2, 7EIEABT Be, LIDA 1y
55025 SCH T AT RLR BRI & 1051
I — TR R (slipnet) , Bl —> g R A4 i AN 1B
RO /MRS AR G 2H 0 , AT LA 5 3R 0 SR O R
AT SO AE UM R A ST SRR R
AR RRAE A DT 2% (RPEBAVNMCRS) |, BRI
FROECAn— N — D) ENRE CAnF 5 &
N BOE RAFAE (AN T LR T) o By
P 9 A% R0 AR B PR R R, AT LA R T A 4R
TR R By 3t 1) i, T AR A T
hkAg3i8Z , an B 14 3012 (autobiographical memory )

.72 .

F I B0 42 (transient episodic memory ) . 7E fif
Bl B, B B/ MU & B K T A2, OF
S A A SRR A B DG . T/ MRS R
I CAEICAZ RN 2 BEAT 23 #r , RS8R 1) S AT A
B IE I — FR LS 1 /MRS B SRR 1 2N
WATEN B/ MBS B A oy, g P 240
FRIE BELAAR 0 AH OG5 Bp - # #%7 B il TR A
LIDA R4 ) #7 . 24 LIDA #5407 R G 3)
RS TSI BRI R . T — BB, B ICZ
(procedural memory ) F147 }7i% 4% (action selection ) T
REUEHE A, BIPiCic— R A KB BNy
ZE BATEEMES AT R (BIEF ) (LR
FRUED T (RPTETE BT AT o AT RE AR 45 R Tt
) PURR A I, SRR AR R S R
EZWE Siljzee N NI s S ek vy ok [y M ]
BB NIRRT RS, ETREEE AR R
TR R/ IR I R AR Y ST R, HE LI
DA BHATIIAT A . 2, LIDA S8 B—A~ A HE
LIDA 5 AR [F Z LB 7 T e iy I e, = H
U R AR R B AS B )RR e .
T 2 5 T PR XT 4 BT 2 SRR DG 2R o
IR GHT I KA C R S LIDA 2 A 1
FHIGN 28 ST R BRI, 19 i (R R N3 2 FHE 2
(RFR) SR i it B & 1242 ( perceptual associ-
ative memory) . 1320 2] 2K 5 B g i o 11 5 id
ARENPYSESE 2L TP QI NAEATIES S RS A Eo
WA 2 K ETEATTAL Aafi A5 . BRI A 2]
X PAT BT B, I A7 B AR A2 b i
P ALAE RTS8 AT 55 B9 BT Sy S AT R e 9 1 2
2 BUE X AT G . BT LIDA G52, HAE
FRIRIC B AL 2 WA Dy A B il sk
(%5 A (Strain et al. ,2014) 8 JE T LIDA A HIHE
IR T —FPIR 2 W REACUEE MAX (Medical A-
gent X) o ZACHRERTILLE A 12 W 1% 1 A 0 i 72 «
PURE N R ALE , 152 305 95 A B4 6L, D g vh
T A A I S I ST S T AL S
SAOCHER . BT, 35 HIE K 3l (hypothesis-driven )
Rl PRAFERE, DA — 2 91) 71T RE 1) 952 5 FH VB AE 11 PR 3% v
U2, FTERE IS SR U R YT
ZHAANL, UL B R S W R A R
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S AR
AN AV 2 P 4 A 12 04 BT 1R

B RN E 2% Tk ( Barrs & Franklin, 2007 ) 45
th, AR TDA F1 LIDA FERCH NS i 28 10 2% 1 350
HRE IR TAR KA L (B E AT RO B
SRR IR S RN Z T . VF 2 N LR RERT
FEHHR WG TR R T AR AL 1 BF 58 (Brooks et
al. ,2012) . ARYRMNZ AR AR E RN AT L —,
JE A G AT 7] 58 H BRE K 2 4k 0%
BRI Z 0 U RS 2R S IR 1 R 2% B
HAEZ I UESER I, XA A% 10 Fe 1 0 268 2 K
PTG DAL FRFN 3K (1 A= B Al PRt , 4
3l AL ZO A& R | s IR AR R} 27 U 0B
NG (R 235 X 2%, bR N T ol 22 T 8% 1) A A B 5
2005 4, JE 24 37 (Sporns ) | A4 (Kootter ) FIHE VA
Jé (Tononi) @] i M 4 th T AR IERA %" (hu-
man connectomics ) . ‘B4t R G W) F n) BB 24 4T
B AE R, B S5 Ak 2 TN TR sh A i
(AR T, A N T 28 ) 2% ) S B T 1) B e
S/

(—)EMEH SR

N oF Ry — A 4, 22
TGP GBI AL ( Sporns , 2012) - — 2 iy 4l 2 T AN
R AR FRC AR DR G 45 4 (i 28 ) o ] 2 9 A i 4% X
BE S (BhA8) 7 a0 KM P 2% 2544 J2 anfar 5
NHIAT R ARG 7 %4221 (connectome ) 4
NI 2R 2 (R A B, i R )2 2 T b 3
fiff 220 I A 5 A ) 2 1 BT o 56 T Il R AR
Bt 171 5% A A ZE /K (Insel ) B IF 1036 « “ LR B
e L —FF , KK B R 2R 4 12
X IR FRA TR I T3z 1 DA B ) 2 224t S 2
T K N R FE 3 K A 1 AT 4 By — 5 %7 ( Lehr-
er.2009) ,

e S 2 e 4 0 4% | 22 i 322 e 20 BT 0 i 4 2 T
FEME BTSSRI R 2 4k 22 1) 1) 32 8 AR, B35 Wi
b2z T 2% 2 2 BT LAOKS T S B K ki 1 ot 28 ) 24 45
HA) , 5 L MR 35 B 43 B LS i 28 5T Y AOUE RLUE (-
croscale) | FREAE/IN A 28 T0 AR HE Y PO RUBE (‘me-
soscale ) FH1HE P4 4 KA 45 DX 38 1) 22 WL R B (mac-
roscale) =KV MRS To TEMMRE |,

DA 3 PR ISAR 1 L - R A s P AR AS A ol
gy 1) D E AT A S S iy Ao (R L
[l A 1) o e R R IR TR A ) {5 R o TR O R
L RGO R AR R AT AR IO L2 K
WHIZ TR R O O A E 5 IR &
EETFI AN T Z 1 F0 58 fl % 42, (HLIE A 2 AU
JINGRE fih e TG A 28 R A 28 o0 HAth 19 8 T 2 A
A, R MRE b, ol R A RIS AR R A
BAGAE AR A3 e f51) b P 0 K M 1 435 4 3 5, 0L
2 RN % DX 358 e JHG DX 3l ] 1% 2 46 1 5l 4, R
s LR 1 1% ( magnetic resonance lmaging ) $45 K ik
R R B85 P85 DR IO A FEURI R J2 5 B 540 5 1 FH H g
5 L9 12 (functional magnetic resonance lmaging )
S IUAS ) i DX £ 3 5 £F 4 o, AR B 1 B 4 2 1
HEEE R IR BE M S DR R A A Y 4 A
Bz NG 2O 297 1011 4>, 5 il % 454K
278 1015 />, 5 I AROUE R r SO0 RURE 4 58 A i o) 24 235
PR AR 1 B R Y TR, H AT — i 22 LAZE IR
JE 5 UG ) 48 4584

AT A N RN 58 A AR R Y, PR R £ 3RS
PR TCR I b D 9 3 et e A AR R T e 2
A5 T A e FE TS 1) o A I i 1 i 4 2
B R A 2 R R ) R e TT 1), AN R
I 22 P 2 AR R T Rl e S [ E K AR RIS
Beoe B i “ AZRE AW H” (human connectome
project) BTt T % 422 2H [ B 45 4R 1) feiT I AE 42 ( DL 5]
1) o BUHAIM 1200 242 5 3 345 Kk ) i B 20
B, 3% LEHE DL — 2 B A5 H NS0 S AR AE i
F2H 4 %8 ( Connectome DB) H, F = i) i dfs 2 & 1%
RIS, A RE PEAR IR 1 2 - TR A2, LA
AL S R 2B P s A TAER
( connectome workbench) ,

(=) fesh &l

“EEEE” (connectivity ) S KI5 A A HEAS L
il o FHZRI 27 FURE PO 27 L Mg 90 %5 (Meynert,
1885 ) B itict : “ AN AR F AT A KMk iy dz AR HIL R, I8
2T LSS F vh HE W LT RE , IR A
JEHEM ARG R EA R s TP
( connectome in motion ) ( Sporns,2012) , H 5% & Wb
ZAb A TS 52 S AR B FE R 22704
M, BTE T a2 R REEE M2 . T, 4

- 73 .
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Al “Lotk1Q>120”

C

R B

ﬂjijp—e\ s

E 1 HRisEm e A EiEA

ALERT RS A M 200 il 2 S Al AR A5 DX
IR Rl A, B A R AR Y ORI A ¢ i
TR FiR LA b5 KIS 2% i DI, S B i = i
BN Y R S I RESE 7 o A
DA ST P AN DR i A 5 S i v [ R R R
PEFICULIE 2) S B 1 R RG22 380 P P A% AR 1 L
FIFAT R A A LIRS SNEREREEAR EAE T,
REA LT 2 NI S R R 2 RIL R X
FE L RN DT R AEE A 21 i — B (A—FR 358 22 18] 1) A A
YERT, B — Rl A DI RESE R M 2%

ALY
gt WAVRIAT R
s
EEm
i e
B iR
SERE A

2 EERAEH KM EIFRE (Bullmore & Sporns,2009)

HEHEA Z M T VRN, T sk 2
NG5 R AR I8 , TR I 2 306 3 = 6 A 1) 9 3o
IR T 2 ) 2 R T N IR] e 295 Bl A
TR AR 2, Al A O — 2 )
RERIZE o 75 WA IOULIRUE A8 M A ] 221 114 Ky i i
HPE 3 Fron o A2 UE AL D e il A, it iE

.74 .

P P BRI o SO i) e 221 I ] RUBE
ERPEICZ RIS RE O AR AR, AN UK T i B 1Y
SERER AR M T A HLAA AR S AR A A AP AR 3
BB OSR A . BT ESI B R 2
AP 2R TC R I S I ) 3 5 SR T I Ao ) A
SRS AR EAE T, AT LA 4y 3R 2 RE 1 ki 1Y
LRI o 2Dl H, A T L3 A X A i e LR
A Y L3 3 345 5 e s K BR B B s A T 7 4
HALH, AT E AR I RE RS M. DA% 2 4 A
(Hagmann et al. ,2010) f# & b {HY HL MRI £} 4
WG AR 3BT, R R BT 2 % 4L F)
18 2 5 4E N e PR Y 52 0], 45 SRAIE SE 25 Al i 4 5
eI 2 ] 5 2 (R AR OG

A S5 RE X R W2 E AR, I
B XN o JEHE B PN RIS RE Y LB, A A
SR dhiE g2 AN ERASE . DA YIRES
1], - 4t Bz /K ( Casebeer, 2003 ) 45 1« “ AN [a] A4 18 7 AL
LIRS 55 AN ) i 2 [X 45 44 FH 2l RE AR IK 2R 7 JEE
IREEN (Moll et al. ,2002 ) s £ 5], )8 38 N HIVE
REAZIRIINRGE FE, U2 5 B B Ay 42 i
F” (whole-brain affair) , {H & 5 A i) e 26 F 2
IR R (WLE 4) . il an, Fi & i Bz 5 ( pre-
frontal cortex, fij #% PFC) |\ #21 M ( precuneous , faj Fi
PC) . JLJIE T % ( basal forebrain, f&j #% BFB) & [if JZ
i (anterior temporal cortex, f&j #% ATC) | PN 4f ' 7
Jii (medial frontal cortex, faj /K MFC) . PNl IE %5 K7 5
( medial orbitofrontal cortex, f&j # MOFC ) . 3 I 74
(superior temporal sulcus, faj Ff STS) | i 17 |2 /2
(anterior cingulate cortex, faj & ACC ) F0 = i/ = Jini
(thalamus/midbran , fAj#k TH/MB) .
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TR R Dhhg e
N TIEEE M TCEREE S ALK,

BAHEZTTIES)

smre | |0
LEIJl L - }
Gl
TG
AR

BOLD {5

....

" Yl

Y W

3 BTN REXNA FHRRI T REEEE

[ pre B rc [mess I At
[ 1mFC | Insuta EmmMorC? I sTs
I Ac THMB [ Amyodala

4 FImERIAF AKX ( Moll et al. ,2002)

= EVA-LIDAs: #EFHALE %S
AR A G A
Bt el 4R T % 2 AL ( Learning-Ori-
ented Assessment ) [FEAPE2E: > SCfk B RIE T2
PEPPAL ( Assessment for Learning ) | 2% > Bt PFfili ( As-
sessment of Learning ) Fll 2% 2 fb PEfll ( Assessment as
Learning) = Fp 7 X, Mi# 7 DIMERE Tt L RET
PRAR 2 AR R P T AR ANELOL , 32 58 181 ) AR\ AT

BB (EDUL , HESh I A= 7R AT 3 P A (e 4 |
M AT AN (B B3 , DT SEBEPEAG S 2~ AR
7 ) ARG A g — PR BR ) (B 36 37 3l BT
SRS S G A A ) T R A o AR
B T3 M B R Rk 27 AR PR T A 0y S it A
A a1k AR AR PRl RS IR
PRIT M2 SR A N A B R (B AR 2R A
AR (B SCRERE,2015) o R UL, 1R 52 ) A PR
AT A, AT W B N B RE R i, B AR B
—RAN TR REH RS, B~ I (A5 19 T8
FRATAE o

(—) AP ZEMBARI BRI AT B 5 T RALH

BEARA UL TG T RENZ AR AT,
FEHH G R—IIRE” AR AR, D — N TR fE
Hr ARG TITRE T o A I A TEAl Y
IEBLE VR, BT # 2 T 2 AR ] WAL B
VB9 SEBRAIE T U (18 R, , A2 Y IS $E 4 2 4
P S IR 278" M DI RE SN A5 1l i DUE PR B |
P T A2 25 A0 Y B 3E BR E ~ R e (L
K5) o ARG =T R G0 PR H 5L
ARG HA A S IR R G A LB Bt A R 4
H Hee S ARG T 7RG FH
INEC RS IR G et BB IS AR S8 R %
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IR FZRARNAR A HAL S AL,
I, B R GEUF LU RS AL, %5 T RGNk
MAINIX, T 7 ARG H TR EOuEERE, & T RGN
RIS X 22 [ i) sl 25540 , Bdle st (5 Fp i 22
G, BB ARG P R EAS 1 A A L 2 (R 5 S
I 557 o BT RS Al I, SUHEIRER

il PEs Coll (ORS¢ e

T

1

' _ HALZ T R 5 SBFHRG

L amee™T B onssonss: [ Q2BAAREE
. BRTF R BRFRYGE

E5 #MEMKLHNELSEEEREIRFHEMIER

LS R EH AR G

PR R D LS A A U, B R e A
IR VRO . SR AL R IE R
PSR R R 2 B DR e e P
W7 Aoy~ A SE . A A8 . U R4
SEH. A S IR AE LA A A i R R R AT S
IFERER SRAE LSRR . HIRETE TS mp i
LS ETIENS VRSP €1 T 0] T P e P O R
PEALTEAT O 1 SR TR 5 e IS
i GEURE R S5 o X SR dle ) L PR A v
SRR G, QW IR R0 45 (8] B S AR, LA ZS
T ZAF , DR A A 9 58 20 SR AR v 8 P 0 1 i 552
E SIS SENERIbEV €/ S Bt oy A R W
TRA SRR

5873 J B b HEAR 22, 4 A} 5 ¥ ( Korhonen,
2010 ) F A8 70y PRI B2 P 1 88 AT 55 1 B
MR 5T A BT BRI I I S5 1 A 1 4 i
LN BT /R 3 e Bk 4k JE B (Junisko-Pyykko &
Vainio ,2010) ¥-15 52 53 R Wy 3ALE AT 55 AL 2 (I
] 55 (5 BB TR . MR 27 > g A PRl B 45 A,
FEEE I EEA B M BOMEBE e A I B I
T8 CT P BLERGE SRR IR T ) AT 55 18 858 (3 2

76 ¢

BT 55 5o R e AR 55 ) A0 LUK, R 3%
18k A RARSUHAN A2 ST 5 e w22 s 4R U B A5
S AR BEHSRABOAR B F U EOR 5 AR A
AREE YU AN 27 A AR 32 T T AR 53
PRI iz MR T PR 4 R R B IR 5 15 L A T
IRFIALRE 2 iy LA T AR B v SR 2, [
N EFRIRAE S, A A] PR | n] Al A Al g
DU, TG IR AN SIS S I B Z TR I G R (T
WA, o, 2 OB PR ERLTE xAPT
KT g Py fid R s (B 2 —FF—
WRik™ ) , Wb 3l S 0F AT 0 A A X s
A R BN R ATORE E 3 A, RS A 19 )2 R
45K

o 2] S ARTEA B R A A X T F AR AT R T A
ZIVGR, LUA R T L R PR o, TR A Al
JraCiE et A B e~ IR, A2 Afilig Ak
WS HARE MR AR AR G DR AR A v LR 6
HUBMERIDE S N S L AN AT V=S 1B us o e RS R E R ANILE 2 ¢
IS RS SR A Sh AL S ST R
PSS BRS T REZH M RAREE 178
JEE S AT AR o > S F , RIS A SR 45
SR RIS )T SCAFA, 31 o i e TR

2. SRR S

S RARTEAITRE T — M Tl 25 R BLAE |
T [i) AR BOPEAG (2 k25 ) Bl . IR , PR Y
FAE T INPER AR 15 2 4521 SRR b AT 24 A i
RS WE R AR AR IR YGRS — By
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The Deep Integration of Artificial Intelligence and
Subject Teaching Creating Intelligent Curriculum

YIN Rui', HUANG Fuquan?®, ZENG Wenijie?,
ZENG Yufen?, PAN Leigiong?, CHEN Siyu? & WU Xiaog;?

(1. School of Information Technology in Education, South China Normal University, Guangzhou, 510631
China; 2. Centre for Research and Development of Values Learning, South China Normal University

Guangzhou , 510631 China)

Abstract: The deep integration of artificial intelligence (Al) and subject teaching creates Al tutor, one of the
intelligent tutoring system. In the early age, the representative of Al tutor was intelligent distribution agent (IDA) ,
and then it evolved to learning intelligent distribution agent (LIDA) , a learning IDA. In the theory and practice of
learning-oriented assessment , we proposed a neural network architecture of the intelligent learning systems towards cre-
ating learning value, grounded in the dual character of a neural network in human connectomics and combined with
the development of emerging technologies. The system mainly consists of three components, which is a real-time teach-
ing transformation subsystem , teaching optimization reference subsystem and teaching comparison feedforward analysis
subsystem respectively. Among of them , teaching optimization reference subsystem is further made up of four modules ,
which are reference sub-subsystem of excellent teachers’ teaching, modern teaching & learning theory, optimized
teaching scheme based-on big data, and self-organized teaching experience. By integrating the neural network of the
intelligent learning system towards creating learning value with Al technologies, evaluative learning intelligent distri-
bution agents (EVA-LIDAs) , as a new generation of intelligent tutoring system , will be created. It not only plays the
role of Al tutor but also the role of Al peers. When it is applied in the subject teaching , the teacher will be a curriculum
innovator , students will be self-regulated learners, and EVA-LIDAs will be the mediator of learning served as Al tutor
and Al peer. They interrelate each other so as to create intelligent curriculum, a new form of curriculum in the age of
Al It aims at continuously improving teaching and learning and ultimately enhancing learning for all students ,
based on the ecological learning environment integrated with neural networked Al technologies, in the pursuit of crea-
ting the value of assessment enhancing learning , with the principle of synergy, precision , individuality and optimiza-
tion, with the mechanism of mutual cooperation, learning and integration between human intelligence and machine
intelligence , by the means of situation perception, big data association, experience self-organization, and intelligent
decision-making.

Key words: artificial intelligence ; neural network; inelligent curriculum; Al tutor; Al peer
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