F24 K F 1M FABAR Vol. 24, No. 1
2018 2 A Open Education Research Feb. 2018

RERHHHTARBEERIEERSF

AFAFHRITE &

[HwEH#&R] KK - F3(Mimi Recker) 2 MM L RFHT 5 AN A+ #
RFAAXEDERXMZEL R B LN EZR2Z A, DA EE(FIRFRZ)

W E BN R FRK - F AR

wmAKE A A

(Journal of the Learning Sciences) .{ % % # & & Fx 4 F| ) (International Journal of In-
structional Media) { #{ & & A #F % 5 % B ) ( Educational Technology Research and De-
velopment) . % [E # & # % 4t % ) (American Education Research Journal) % % %& , #F
R EAFERERF TGN T F T, R ER R ER AN HE LA U
BAIZHE S, BN TREFREALE S EOERBEMELF T 9T A
R, EERNRAEEERZAFESTE,ECFE T HF £ E) (¥ F#) (Instructional

Science) (HH K AF A 5 K E) F TR FF AR X 30 £ 57,2010 FR X EHF & NS

%5 SR M2 (AECT) A & B R4 2013 FR M L RFFERFHFITHRT.

[KRER] A A AR T 47

[FESES] G431 [XHEFRIREE] A [XEHS] 1007-2179(2018)01-0004-06

BE A, B O R Z AR R
Vio A REE AL K I, TRERIREE K
B P2 e 5% [ 9 K AR DL 7

BRHIT: B 20 14 80 LR, HBEWA
R—HAES T 2 A S LR G A B A ) H
B (RIE A0 KRR ) o Hrb R
WF &8 5652 & 5t (intelligent tutoring system ) (f1$5
WE9E5 203 ) | S ik SERE IR KR i 2 i i

Bl 0 28 20 FRBE I R R, R e KA AE £k
TFBCRTR A B, TP 2R Ge 48 4 i R B Kot &2
MR AIK . SEEMNEEBIEEARN , X B
SRR (ETAYE) 24 (B FENAR T

[ W5 HEA12017-11-10 [ &3 B#]2017-12-25

A0 ) ] 471 i (8048 >R 8 I J) [] o J62 ) | s ] <
(CBEE AR FR ) AR (AT BRI ) , %) AL
HE IRV R TR AP DB
Hi A [ TS B Z R R GRS
IR AT FALBY AN Z2 A2 R 0] U155 X SE 47 4
A BT BRI DR E0R R B TR, AR R 2 A
> AR, BB 2 D AR GORE, Rl B A
EUNZR SRS €37 R I G €1 ok (11 S -9 VA E IR AT )
Ak (visualization ) 24/ #E4%1 ( student modeling) | il
A F B (predicting student performance ) \HfEfFE R G
(recommender system ) DL K& H i&E M & 4t ( adaptive
system) o 4 T HESIHFLARAZIOTIT, 2008 SEHH
BARAZ IO SN GG AT T PR BCE B2 4

[ DOI %35 ]10. 13966/]. cnki. kfjyyj. 2018. 01. 001
[E£ME]2016 FERTHARERTRFAENRARD @G S HESREGRT T RFAER L FHH

VA S IT AR A %,

RAZ A7 (YIG20163068 ) ; ¥ s i I AAB L 59 R T # AR B “FE 5 I REAMRL” (XDJK2014A002) ,
[MEEEN 4%, L, 8130k, & @ X F3+ 513 6 % F 1% (yuliang@ swu. edu. en) ; Ak %, B EAF R A, B X Ft 5
M5 42 B % 215 (qzyy770520 @ email. swu. edu. cn) ; R A, B L AR R A, 8 K F i LS 42 8 A % $ 12 (zhao690911 @

email. swu. edu. cn)

e 4.



R, AR, R BRSO RT KR LRRERL F—F F BRI ZRFRE - F AR

OER.2018,24(1)

23, T HAER T T — R 2, AR I T (L
FEAEZE) T, 2012 47 SEEHE R A A Tl
B BRI E AN ) S A e S ) B T

BE HH KB 1A I A B 7
HEBURHCR KA A Y SC B3R, Hom KRB
TR RLEARE Y 7 (T PRy 12 2

BB HE B2 4 R B R 4L
A, i W BE P IS 1 B s b it B0
ARRIFIE S o X FPIIFTE 7 AR (A2 T 5
Hor PSR, 2 AT . R B, 3
AR B OXE LA B . TR, FRATTIA hy 20 B 42 i
WO 2] B BRAE, TR AR W RLIE i
REEAR Y

M BOR RBEAZ 5 R 1 AR,
1 :1) o7 ) RGEUER IR AF A B 5 2 ) AR i SR B
PR R ST AL AR MEAL AL 3, XA I
WA FR Ry B g e, 8 R AR AR5 30% LA
B 53) SRR AE T BLGE T A R B AT B8 A0
ST 54) F A A AT AL S IR SR, N o S B
LS

IXBELH 1 H 2 2 )2 IR (hierarchical ) | 53 I 2
(time sensitive) .4 JF ( sequenced) FlI{E 1% 1k ( con-
textual ) (¥ 11401, o ### (keystroke ) B dls J2& 5 > ¢
PR I FRAN — /NGB 3 o 24257 2 B — 22 AR
P IR A e — F, BE e B AR~ T K
SRIUY , B 5 1 355 B BIF 90 28 FAH OGN B3 fil R 45
FE PR ALY SR PR

HOEBIRAZAE B AR 7 A] R B L
ARG, B — R ] R B AR )
B A WA 22 S L SRl & AR B R FiA T
0 ARITASEA N 2847, S 3L RV 355 B A0 2L
Fefii o) B ORFF R 2% 2T RS 5 28 R 2 S
TR | FDARAERG B2 ST M N2 i BB BT . 56
SRR AL, BE T A A B e (T
TFRIB ) o B2, X SE AR o 115 @ Ak
BRI R Y ] S AR R

R B 12 R 7 A TRl 0 ( predic-
tion) | 2 2% (clustering ) |, #H 5& 1% 12 #i ( relationship
mining ) | #% BB HE 7 #5740 B (distillation of data for
human judgement ) I F1] F #5248 & ( discovery with

model) o N ETFAATEA L — T o FIHE M T A2 5
(AN Al S AR T 45 R AR i, G0 2R AR
B, VFZWEIE TNy Ak A AR NS Y E
B IE | SR PN I RBP4 €7 JE AN/ S E
/NTEEI R £ (data point) o T SR IEHY 73 4L XT
FALE A A IR E = N, DU A i i H
Mo HETRERY Y B2 Ty ik MOR B %, JE L) K-means
Bede i o AHOCPEAZ 4 A& B 46 vh /A8 2 2 TR
RFR IR H RS, V5 A B Bt 5 S, e
BRI T2 4 (association Tule mining ) £ 7 51 #2045
it ( sequential pattern mining) , AH & PE$5 8 1) 2%
I ALFEAR R 2 I 5 PR P 9 R SC &R, LA K&
WD T BB RO ) o AR S K
TE R 280 AR R AT AL, (S AT RE DR )
H R AT PR R IE . BB HE I A (heat map) |
FIE AR S5 o A IR R S5 R C Stk A
AU SR E R AR LSRR B ) S Al
HEAT AT o AN, DAC BRI AR AR AL 2% 2 > 4
Sy BLfds, R AR RO G2 LE AT 5 5 R R
FEECN B AE BRI R R o

BE : HE KRB A RS R B S

B S R A BRI Z AT
et ) BRI TN . X — R Gl H i LA A
A1) WA BRALIE, S B PEAL N 2 L TR
AR, LISCHA 22 2 52) 2 Ao S Al AT
Bt = A2 3 2l BB T SR A9 5 A I )RR ( time-
stamped ) (779 33) PIMALRL , RIRE~2 A S AR 4L
P O AANTA AR B ARG M2a Ao 2] 3 s B s
JE I RRAN S &, P00 2 A R R = > 47 D 5 2T
Gis4) R R G, RIDRE TN AR p) it 25 SRR 3%
Uil BB B NG AR5 S ) T I ) 0 M R AR, il 2
Uil B BB R G A N R ) E AR B B

VEZ DSBS, X B AR AT LA B U
AN RS A B U ) 2 A, R T 5 T B i
AR AT LUPE“HERES I, s A R e 1Y
DR ERAR 3 81, DA B ] RESE 5 fl ] B9 0 41
B BARAZ IR EA T A N AR B 2L [ 25 AR (]
W SE AT B AR — 22 ) ERE R T4
AT 2T 307 AT AR EITCI =07 At
AABNTAT IR MOEAS RESE DR RE A9 XUBS 7 TR 2 Kl

.5



R, AR, R BRSO RT KR LRRERL F—F F BRI ZRFRE - F AR

OER.2018,24(1)

FEYRA I R o S SE R T AL W] ] T o A S B R
RN ) U SR A O D IRACR 2
I SR B A R B R

BE AR HI A AFE— EL S CANVAS -
B IEE RBAAZIOTIT, B ATHUS TRt

B S SR HOR M 1 15 SF O ML R-EALE
TERE A T B R G SR s, ) HAGRA
T REHAATE S DIRE , B N5 T e N2 o il
B WAk e DA B SRR O A 18] B9 £ 22 58 it AP
UTAER, A R o2 A DA LR A3 I, 56 LT
PrA R 2 T B R G

P EMAGRM T E M E NS, A A
Il ) i 2 (R 2 TR AT L S i3 1) | 45 224 R
(SCRF BRI AL LL R A R 2 AL~ 2 (42 H A
AR HA) o B2 A S BOM A~ A Y B e
ASCHIE, WA e AR AT 55 R AT FRAAR L 3K
BEEAE  X SEREUIE T SR 14 a2 %K
Pa B A BAHZ IR BRI SR, REN T R SR
HH AR TR L2

AT B R EA A — RSV ARG B
SN T Canvas ™ BT 42 10 52 2 B0 4 . %808
St B 9% [ I o A5 MU 28 57 K DU AR BT T BE Y
3300 ["JURAR P T A AR AE LT B Y B 44 B . 2
A AR Canvas I, R S8 i 2= A7 fif 7 2 £k
A1 I D00 B8 D A Bl H R

Canvas %8l i — R 51 DI RERRER T /9 ™ 35 30
TSR, AL 15 UM AN 22 2R A WS NS 5 1
b NI B IFIR A X EETIRE AT IO DU A
PO AL ED) PP CAngi ) | A Cn iy 2
W) MBHE (WS IELHE) o

RS kBt LA ST G ) R R B B 2 i A
o MLm= A B BeALS: 1) RO T B
Qb PR RN 4G 5 2) 000 2 4 R TR A e AR R 3k
FE53) BIRIDEAL R 3. R BRI 12
A F A P A MR A B e S e d Dhy K 0 5
RS, IR R et

S — B BOR R A , AR AR 4 ik
YR BEA T B M BR AN 29I ) e A e ik
CAAEA s h i 5B @ k) S s e A 25 , K i
SRR AL FGE 2 A TE 3, AnHERR S BB B TR AR

6 -

WA VI 2278 65 18 53 AT R i 22 , i) o~ A ) e ¢
& Gl 30% K&t A, RSS2 L %) |, i3
H T SBGH AR, P, AR 25 Fhi 4
Sl IANEEA N Z SR SRR ST H R B
TG I3 IAF AR, d5 o e P R 2 M DG ARG 15 45 SR A8
RIS &, IR )5 R BRELE T8 g BEAH DG Y T
R T, 0 25 T (Multicollinearity ) ©

S BUR SRR, AR R TR
AR 5 2%, I FH S0 | 22 30 = 3 ] ) D R 3R 2R
B, B2 F I 2 5 KA (expectation-maximization )
FZE R B 2570 81 (hierarchical clustering analysis ) 4§
PEAZ T 12, e i K BT 20 B 2 A 00 ) 52 A
S G 22 ORI R o X 2[R 1Y
P22 SO ) PR J2 TR 25 W P 5 DR A 2 T v 2
A RO % S 2, BT AR AL 45 2R 5 2 A 2 2] i
RFFAE P A A NGB R o R TR
B FE SPSS \Weka Tableau F1 R studio,

55 = B B e Ak B AN DAL A R A
) LS FOARE A K A C BE LA S 45 SRR
P Z [ SR AT AL, DR IR i UL . 20
BEIHZERANT < 25— 22 3002 A (] ) A A il ]
TR T~ A R (N =19,162) , KL e iR IS 54
FOMMERSIRA, FEREW], WA E B ARG IR
S B G RO R 5, SE Ul i R
A5 E A S K ELIE ] 19 BUABLEE (odds ratio) o 55 A%
T2 R [ H AR TAE L AR B (N =5279) , /i
U AR BT RAE WS % 200, SRR,
S22 PR GE I RE R A 2 2 A e A M G ) E
RO PR, (EL I3 ) R AR A oK HLIE 1A Y L
fHI . UL TE H) R L5 RANT < B e R A5k
FETHOm A2 A S ] Canvas (9D REH i = HFAR .
XS REERAT AL R AT TSR, A= 78 Canvas 1% 3))
IRV 2 A Y B A R . WOV 2 T T SRR
SERANE O TR A e A OUL ) TR T A S H
SR Z NGOG AR, FoAT 8 4 (W] — A7 280 VI 7 T %o Thp
(N =33) FIfEL (N =36 ) PiF =0T Hfz fal— Tk
Fio A TR b Al A o A2 A TR T
PR GE R I B, AR T R KRR
ST SIAE LSS R AR B AR 7 0%
BUAE J7 ZAn AL 2 R i X 47 (77
A2) FF ( Canvas TIRE) HEATHZE . FATILAE I 70 b



R, AR, R BRSO RT KR LRRERL F—F F BRI ZRFRE - F AR

OER.2018,24(1)

P AR Bl X ] RUBE $i 4 (interval scale data) I 5 H]
BORR L B 45 B B8 i ¥ ( Euclidean distance meas-
ure) o X TR, AT FE V- X 8 4 (average
linkage ) JS 1% , P/ AEAF1A] A PR B 72 SR >4
FERTA WL AP YRR . 25 SR R 1 P A PR
FCTA] Y 22 5, BIAS ] 8 462 20 2 A [] 1) 2 0 48 B R
gioife, Hepd i ny St 5 H i A WG G, bf
FEIR S IR, BRI T P 5 IR AT S48, T2 4 A1t
N B 0 AT E s o2a o [ R s W
P AZ BT 5 HAth A7 A S e 2 i i OB

eV AN Ol B L T e SR R

BRBR R ) IR G R A L
AR B ARK A B TR B AL B i
SRR B T ., B K e B 1) 2
TR BN 12 i R kAN o T340, IR R
RS B 3 8 A5G 1 AT R B8 I AT B AR I, BT 7
ST TR TS B . RO AL AT A o R s
PATZAT 55 (IR e i35 ) o EBBUNATT 2L G
MG AR ML g7 T R, HE AR 2
U o A P A E 45 Ak B G FEAR (missing
cases) MR F2 (4 UL T Internet H &) o

TRV SZ B TR A2, P TR R 1 B el
SERIZLARIRS) , AR Z 0T W8ERE . i, 2
T RBEAZ A IR Tk PR T B 20 T A RE 72
WA R AT DMRKEE i K B R A TR
HLIEH (AR AR By AFTEN D17 XIS
A I DA TR, b B i 25 [ ) 1 R A BRI
PEAZ IR B, SV EA R T HAR SR . T2
PR GER R A , FAI B Z R A BR K
T AZEER A B T2 B2 8 U K i

10E ENIA TR BOF AR R 0 8 a0 SR %
A A2 ) 5EeE e O SR, X 24 AL,
WA B, T A5 21 (A R 5 X AR R AT 4 X
AUL? UM BRAR 2

BT A B I T S, R
H TR ) Bl A7t AN B 12 90 300 SR HOR 1
HESY, X EEHARA — FLAL T H0T 2s 12 S0 S 19 i
I ANRAL T HE B T ISR ] . A, BB
PEAZ BT B 36 AR T2 > BRI b 5y T 3R O B4

(AR B | T X Se s 5 BA #es (e )
SRS (A7 I ShAL) FEAEAR KRR

BEXS I — 22 8, R 70 B B i B 42
PAIF ST D3 I A A ok B B2 ) R 2 ) B2
FENGUEN AR R B, 2 BEARETE
SR Y S5 H 2R B B 8 W S A, O DR e
WA CAnAT R 3 ) o AT 2 S A i
fift Rk S AE 2R AN, JF 2 5 ek AR O T
HEERBLTE bR . R BERIZ IR A RE
ISR TT R AR 2 2] A B BoR , IR A7
TE AR R BT AL 2

X — 22 I 2 B 200 v P DR Bl 1 S 2 0L
B AN KRB R S R TR, REI A 2
MR 2R BT R B . XA — g2 X 1Y . Hij T
C 52 2, A B 7 2047 5 A U i B 1
B, SRR L BER I AR HOK, 2 RI4L
PEAS 22 {Z 1 L, ( signal-to-noise ratio ) , Ul S5 ¥&
LA REWRA 208 Rt g s

ETIF BB IR, B E LA ELZNAT
AR (KRR 19 51)) He A B8 2 800 & (Bl 4
R T) B, BARMEGREE DI B RE A
FEIF 2R T AT A OBt RS LT, Bl A
FITHRHATE L P AR S ER L, FH,
HEBARAZIBI T DOZAA i 7, Dl KA
5% P BAR R AERE R RRTR 5) A PR

I5 I A R A R R I, A4 17 1R I (false nega-
tive) FIIE BRI (false positive) , — R X248 5
ERRES MR e DR TIPS AP Y S & 2= Y |
N BARZEBY AR VUG SR A R AN SRk 2B
I, P~ Az S A A T AN B KU AR 83X — e,
— BN, R 2 H s A A ol BRAR , B AR J
R SRR R, TR T AT BERE A A S XU 119 2
AT VAN Bk VR IR 2, PR IR AS 23 W 380 501
T, FEIERPE LT, — DA K] RE 2 MU 24
PR A ks KRS AR A, 3% AT g 23 % 2 A 38 10
PP o BOE IS AT LA Bh sl ik R R

BE: BIRAH IRz i, i 4R 252 )
ST A, X PSS A AR R 2
BRI 5 HCH KA AR 5 9 P A5
G A B AZ IR AN 2 2] 0 hT o X PR
.7 .



R, AR, R BRSO RT KR LRRERL F—F F BRI ZRFRE - F AR

OER.2018,24(1)

ARKAFLZ AL , A IR X0 . 4R, EATIE
TEWT AN R B A

— BT &, O B2 R DB % BB f = >
kS 5 % NS 2 QS A& DK I DN €3S
FTAZI, T A8 T DL, B 55 T308 o R AL
WAL~ A R AR H O R ST BOAT 9 (AR g PR AE | 32
SN SIS ) (R b S (AN IR Kl S
WK A GBRE) LA S — SR B4R T #y it
AT o CAIMBCR BB AF Rk A R S 55) o #L
T RIAZ IR RO I AR Sk AT, DA S 4y
o ¥R A ORI 2] B R PR

A2 IR N AR K — B0 AR A 42
B U A R, AT S5 R R 23 B SO
BB R R BB BRI L 2 Bl i 48
HR T, 2011 4 A AT T RS 2~ e e E S b2, [A)
AT E TR AE ) T SRR E PR 2 B, IR T 2013 4
AINEE AT AT ) W T SEH B2 A L,
2] oA AR AT R A s ) O
> HREEHE , H AT T IARRE Ao > Rk AR
PR, 38 LA B2 0 A 25 R VA B0 Ak
PEAE AR BB, 2 T g R~

BE HH KRB AR K AT A7

BB TR TR REA G
HIFFEIEAE LLRT I AR A 138 A e, IR 4R S5 5 | T
BRI IR AR

AR A B R v PR e R Y e 2 — ,
S ARVRSE 2 4 7 P 30 e A 228 O 4% A LR | i 38 41 70
B HARIE S 7 R TR MRt

73— R SRR SO EAL S AT BRI
P o HO i AN & AR R G i 5 o AFERY
AT E B M A 2 8 P A R G R, TR O
AR IR A S, SR 5 7 Mo A B HAE AN TR 2 1
FESt o WA A LEAT S T S i 4 SR AT
SEHE LTIk T A A S SR A N I 1Y
TR AR AIAT 1o XA 59k AT LR S BAT e [l Rl
S MIDEZEEe S DR LBt 22 5 /S R
X LEI ] T SRR AR MR R, N
F PR A R BOE AR 55

TE T — T S B T A v, WIS B o FH AR 2 27
AR B > LG G I AN [] 28 TR ) 20 52 B

.8

WREBOTER A RNE. B, b P Bom R,
FEBORB RN G AT AR KA 2 A AT PR
PABC AR 2R 5~ R G0, S A i 2 A RN
MG RSS o JEHIE T AN G AT LA T S5, BEHL
OFECAA R RS AR R B0 87 2D O ik, AT
AFER T BORRRAS : A JiR sl BRI, LA 7 A %
Y, oM ) R RS bt 7 T ik

B A E T R E KRB R A
9L S

B BR BRI GEUR R IR Sh H o U &k
AHTIARAT AL HE . ST X — B, R U - W
T e B DRI LE 2T (DR, T fifR 52 2% O A2 BRI AL
[l R BT B2 i e — At 2 BRI 1
N SR RSB A [a] L [R] 45 F 2

i, FA UM 2L E foe B V) B DR
RPN [ REEEAZ S AR RE SR LA DL T 58, DRt
JVURS RE S0 KR T2 U RE RS SRR ok 19 3558 (1AL, it
H, ARERRAERS  HoAR sl S 2% (G it 25 8
I3 1 T A Y B R, O R H b SE B
BTk

5 iR M S A ST ARG R AT A
OIMT R S I PRI U it . A b A,
FUAHA N B30 & B A AR A2 i A 2 iy AN 2L
F T XA AR R RO S B DR AW i, —
ZoF R T RE R IR A R MG A B AR KU A A
2 X AT RE S A I SR . SRR AR B
EATRE R H AR SRR HCR /KF Al st
PG AR AR b i A 2 AR AR . XK, —
KRIIA LG Hi 2 o] PRIk . I, FF5E
AAEFHN B3A DA 9 5 T 0 2 A 00 R e i
H PR (AT A TR R A AT 620 1
fifE I BER A TS TR TN 9 i T LA R~ ) A B AR
GBI N fa, AT HIE A ER 2
B ol BEA AN A B BEAA TR, DN 5 20 S FAT
SR FE D AE R 7 — D EE PR RZE
T Hs R A A i (4 20 A TR A B 44 4k, LR
P NESL , IR PR SO H0R B B B

o=, FONHBI B F B2 R S HOR R G
[ —/ N, IE AN RPN 3 2% 1 AT AT
IIRSTT SR — B —HFE . BTS2, 2N ERE



R, AR, R BRSO RT KR LRRERL F—F F BRI ZRFRE - F AR

OER.2018,24(1)

Wiy 2507 R 2 41 A 28077 v By B 2 T iy HLZH 41
FAT1 77 W PR BRI R R, X R
1 1) G S GUL ) T DAUE S D L it £
PR3 2) AR B 4 I EOR B IZ S TR 1 AR
NG 53) RERE A BOICER A2 3 70 H B0 1 HoR 7
£ 54) AT LR B0 12 408 i 220K 19 =1 i 1 %
#55) AT AHARE A B F-& , I BB R4 85

ZE a4k (return on investment) .

[EFE]

DCanvas 2 —HF I FTR A%, EAASALAOER, 70K
WA FATRELAKFTEFIESH, BN 2L A THREH
3000 % P&k F R ABRIE £15,

Q7 4 #4747 ft 44 (standard score) | & — AN 5 F 3 2
EZRRAGFREE,

QS FTLEEBABEARDAEAFHRETZTZA G TAHE
AR K Z ARG EAK KX R AR AE T R ARG T EH,

[ &% k]
[ 1] Canvalytics Research Group (2016). Exploring learning man-
agement system interaction data: Combining data-driven and theory-driv-

en approaches[ A ]. Proceedings of the 9th International Conference on

Educational Data Mining ( EDM 2016 ) [ C].
324-329.
[2]Recker, M., & Lee, J. (2016) Analyzing learner and instruc-

New York: ACM:

tor interactions within learning management systems: A review of approa-
ches[ A]. Spector, J. M., Lockee,B. , and Childress, M. (Eds.),
Learning, design, and technology. An International Compendium of The-
ory, Research, Practice, and Policy[ C]. New York: Springer:1-23.

[3]Recker, M., Walker, A., & Lawless, K. (2003). What do
you recommend? Implementation and analyses of collaborative filtering of
Web resources for education [ J ]. Instructional Science, 31 (4/5):
229-316.

[4]Recker, M., Yuan, M., & Ye, L. (2014). Crowd teaching:
Supporting teaching as designing in collective intelligence communities
[J]. International Review of Research in Open & Distance Learning, 15
(4):138-160.

[5]Xu, B., & Recker, M. (2012). Teaching analytics; A cluste-
ring and triangulation study of digital library user data[ J]. Educational
Technology & Society Journal, 15(3) :103-115.

[6]Yuan, M., & Recker, M. (2014 ). Characterizing user behav-
iors and resulting products in an online educational community: A com-
parison between novices and elders[ J]. Journal of Learning Analytics,
(3) :150-153.

(# 1REE)

Model Driven Educational Big Data Mining for Enhancing
Teaching and Learning: An Interview with Dr. Mimi Recker
from Utah State University

YU Liang, YANG Qiuyan & ZHAO Nan

( College of Computer and Information Science, Southwest University, Chongqing 400715, China)

Abstract; Mimi Recker is a professor of Emma Eccles Jones College of Education & Human Services at Utah
State University and a former head of the Department of Educational Technology and Learning Science. She is cur-
rently a member of National Science Foundation Grant Advisory Board. Also, she is an editor of Educational Technol-
ogy Research and Development and American Education Research Journal and has been an editor for Journal of the
Learning Sciences and International Journal of Instructional Media. Her research interests cover the design and evalu-
ation of the interactive learning environment, educational uses of new media, information, and communication tech-
nologies , and maker education. At present, she conducts research about maker education in schools and public librar-
ies and educational big data mining. She has been PI for eight National Science Foundation Grants of USA and pub-
lished more than 30 papers in the prestigious journals of educational technology, such as Journal of the learning sci-
ences , Instructional Science, and Educational Technology Research and Development. She was nominated for the Out-
standing Development Award of the American Association for Educational Communication and Technology (AECT) in
2010 and awarded the title of outstanding mentor at Utah State University in 2013.

Key words: educational big data; data mining; model; learning analytics



