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I ER I i 2 > B S5 IR E PR 23 (learning ana-
Iytics and knowledge conference) T 2014 4F- 3 H 24—
28 H 753 [ ENER 22 g N T i Eh 2 . ok A i
B MHFHOAR 2B BRIz TR LR
SF A TRMFFEN G T AR, S R
SEARVE 2T T TS BIIS AISE B 32 SR, 5 ] 5
2 M AN R B S AR BIEFE, AN 2 T R B B
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SNt WP 1 P, B S 2E ) b, =M
K RPN B = A SHE R A2 i B — 4
BRI R ARG SRS I BT 4
RS e R G 96 AT () s e e 5 e S A5 5%
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E1 ZISHER

SRR B4 32 B RS T ) b A BIE Y 4
o M ARTEF AL BN TR BE R ETEAY),
b L) F S LA S 3 (auto tutor) ABIFEAR T HARIE S
AbBE AR 2R | 5 o] By S5 B X 27 2] 23 BT 18 52
Fro WFFETT I, 28T 52 ) S M e 20 R GE 0 L AT
TR PR, oK A E R S H R LA
ZAESHHE SHERE A EPRIUH 5Ll 2 T
UAADRE =7 >0 A IR BRI, ST
THT, 2K 1 3 DM K 27 38 1l IV 55 43 A 1Y) e S A 20 452
L MOOC {5l ik 1 A i 6 52 B 0 ] v et~
S Hr A,

— F I HREHR RN

IR AP EBAE T B A AR A )
ST TERFR = BT i N T I 15 B 30
TN o BWEIRES WL IS a2 2 3 Al X iR
S aaaiiyAlu

(—)RELSH

SRR IR IR S R ik iR, pFRR
B IR B 2 AR IR G R B W R, R
ZE AN (Nam et al. ,2014) il 5 P STRUSAE 3.0 LA
L TARRE H A 02 SRR R A TS, SR AR
BEA VAR RE BRI, AFFE IR, 27 A 1 PRAR W 5%
I E R A FL (ACT, SAT) M@ 2R H ik
PR TRSTE AR . RN, A g A 2R
T HUA R 8R 2 AR A A TR RS 1), R R i
TR Z A RH B HE R B B oy Bl

222 o Hr s R IR RO BRI A SEAR 2D
[T N (Mendez et al. ,2014) 3 T30 H )2 1 452
TR B 2 2D A A ROR IR N T
BB WUH IR Py s X B AR SR

FEXEREVEAR | URAR Z 18] A AR PE DE AL | DR 1 — 3
PE B U AR R BRI AR Al B 28 2l 5
AL S AT TR T B 28y FH 5 191 A 43 A 45 SRt
DR SR B HR L T A MME R ZEL,

(=)@t

222 53 HT BB 22 R BE R BRI AL 2
R RERAGAT o3 AT B2 8875 5, BRAf 2
ST MR RY 2 TG PROE . A 6 o 30 A% B JK ( Brooks
& Greer,2014 ) Y 3 14 Hiu A % FH P R 30 U0 9 A4
£ (04378 ( Personas ) 15 B X B8 3 A K008 75 5% 1 2448
AR PR 2] BT iR A THE AR A2 2 A 5
AR TAE N R B Ba v, I F 1) 5
HTE 5 A, USRS XA A A LA

= BB FRBOREREN

Ve —Fh S B9 R G, % 2 T e 2 5 7%
IR AR 2 OC E B R A SO RN A7 AR HR AR K i
ST, PRI, 2805 2 BRI 4 AL Y
SEAIERAE 2R T AR AL G H s R G MOOC
AR AESs B2 3 1 RORTE

1. 2F o A

A A RAZ I BRI SR 2 A A O BOR
Z— o AFRZHE A AR IS B R RISk
fFH A EUE B AR, BOE o BRI RORAE AL
FHERFFAAEPIAN A1) ARG S — e 1
F120952) MBI, CA BB 2 Hrif k52
7. ARG ( Bogarin et al. ,2014) #& H R R 2
kB AR SRR E Y, RO A A B A P g
AT ER A AT RO 9T 45 SR R I, 5% G (b A
A B B E R 2F AR AT A B I R A H
HERAY IS N PEAFAR 22 46 1 P B

2. 27 A AU o A5 A

27 AR, TN ASE AR S %o 2 o] S R P 19 )3
F o BT RIS 27 A ik 247 S (4 A T R4 £
IR Ul , HJR 5 A Y TR — i L A A2
HAEEN T —TTERFE, 4% W1 5% (Rogers et al. |
2014 ) & 3 FH 17 P PR H0b AR Y i A AR 1
SR AT LRGP 5l SEE 25 R W, jX e Rl
AN{EL TR P2 3 10 L TE A 2380 AT LR G 1) ] I AR
AU IS, Pl 8155 (Aguilar et al. ,2014) X224 15
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PLTIN AR 4 S o FHEA T T WF9E S5 2R o 9
TN R G HBEE NS Z RO T, S Ilds G2k
TEURE 7 > MK IF G - A e 2R 58, Al fi T4 ok
R A XU TIIN 28 587575 JE AR ] bk B e S 1 L
KA, TAKAREFSE N ( Zacharoula et al. ,2014) Xf 2%
A 1 I R i B T TN ASE B | AR R T DL 5
T2 A 25 0 A T R4 T R A B i A ) ik 7T LA
P freJ BB, WG 55 (Aguilar et al. ,2014) Fl%7
A R S P Y A R B A A A ) XU S O
AT REFER

3.HH T

AU ASE YRS I HE 2 A ] B A 2R DO XU, gl
WU T, SR, B 7 T 2 FT A B, e e
HeA T EMSE A s &7 $5 30 (Wise, 2014 ) 737
T Heruct s 2 RS BUOF B T PO
) ;é&'fﬁ( integration) JJEIE( agency) V5l FHAEZR (ref-
erence frame) FIXJ i (dialogue ) , AL K27 2] 0
HE T B HE MR

(=)MOO0Cs

fEit L FARE T MOOC 148 TR R K, JLT
P A 4 MOOCs By=AHHRAE T it 27255 2 MOOCs
IR, SR, A% 58 T AR T A REAR 4 4 S 7
FHR A AT AR B, v BLIFAE N ((Coffrin et
al. ,2014) FIH BUAY AT AL 7 A P TT MOOCs =
A AT B A T TERFR A DX, DR SRy 2 A )
XRS5 FIH AR s HBE S OGRS TR, N
TR T AR MOOCs 12 2] i A2 AT 2418045
FRAS G B PR AL 7 s % 2 A 6 AT 328 DL 4 b 1
fAlAT THE MOOCs HH RN,

]IS, | T2 A g B AR 227 I 1A B
g5, T H T8RS 20K A S 5 A RE
FiA . PRI 5845 (Hickey et al. ,2014) F—26 k2
AU EERFRSES, IR S A S S, b4
13 AR SRS e an k27 AR BIPAR L | 2 Ui
Ay 4 25 SR AL AR AR T 7 S U A B, DA 38 31 45
AR A ORI S 2 S SR E R

VE Ry SCHF R MUBEPEA i9A F) T 5 2R B VPAE
MOOCs HAIR AR ATBR . —J7 T, A A= JLAF A )
FEVEZ B BEE ; o) — Jr T, MEAUAL FR B B = X2 Ak
W R G CHF . I RFLJE 5855 ( Vozniuk et al. |
2014) it TR AR R SE (Graasp) I Fo¢4EH

.74 .

WP UA— T TR A T A RS2 . IR 45 18 s
RPN AR L, 22 2E TP a] 5 HA R,

i, =22 W55 (Santos et al. ,2014) A HTE R
MOOCs U2 2 R 587 > b Z i, I Je i ar 2 A
2 A MOOCs RGEZ AN BARER F& o Rt At ATl
it — RS IAE I MOOCs 454y | IR T
PP EAT A Z I R R, SR s, ES 51Ne
FRFE R FE I 5 d5Jm i B UIAH G

= #IpHEEIRR

2] 3 M AL T A ] B AN A ) B R G4
AYFZ A, AR T 27~ B IO AN AR 7% 27 2] R 4e
SBURBEX 5 FIAF 2 55 P 2R Ge A B RN vk A T T
RARR , W R Z X HA 2= > SR 1588

(M) FIETERATR

LA ) R G ER O A AR B RS PR
RUFGE SR o i FVEHE TR e A Rk, bk
2% N (Hecking et al. ,2014) 424 1 —Fh 9 P57 ) A5
M T 25 R E L T Moodle ~F- 15 (2%
PRER T DL T i R B IR A I O o AT T3 % A
SIS T AT TAE R, M T AR SR VT R H
BB A A — R TR 4% A I T 2
Ve 2 (R R, DL G B (] A48 Ak 24 A Fge
R 2Z 1] () 38 B G R Anfn] &5

K TR ( Waddington & Nam, 2014 ) %2>
P 2R G0 IR AR B RS T RN L TR R SEAR 2
B, R IRBE BT A2 A AR BT Z R G AR
TEWF S8 3 2 v, AT AR T B — T 18 k2= R
(CHEM 100) 10 /> 0] (4 o , 165 PR 9¢ I3 Y
X URRE R IR AR R A, R 2 35251
gt N AT AL 3R A7 BB 2 R FIAR C7 1Y
SRR BEIRA G O, A5 R RI R 2 12
ARG A RS PSR IR 2 AR
AREATELBY AT REME SO, Hh b MR T DR
i 0 AT LA R0 2 A 2 2] iR A T T

(Z)EERBALTHE

a2 JUAE B G S AR 2R R AR AR MR AR B Y
BN 27 2 5 AN EG o SR 0N 27 2 35 [w] B T %of
TAERZE T A ] 48 SRS ]2t T AN 5 1 [)
R, H B AT DA SR B Bl s ] AT 25 2582 2] i
e A (HEOph i H AR B B0 BRGS0 i
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Bep )i i, IR (Jo et al. ,2104) $2 1 T —Fiols
FH P H RSB e i R A B2 2] s i P 5 A 7
Peo AATE N H AR T AR rh il HUAT R iR~ > %
i (R 45 SR W A LA A o, 4R Ji o SRR 5 A
AR AR T Ak,

W RIS A XA

1 GE 027 2 43 A — PO H T X B 1 43 A, B
WTE > B R G T 4RO, AT TR IS
SCAAE R LR 1 B B AR R AR AR 251
B — AR

(—) AR A R ab ey 374

TE T AE B R T H S B S, 222k
8 S VI M DE A 32 438 1 2 5 0 Bodie B i
SR, WL SCAAZ A 7 HE AN BEAR &F M T 0 Hr /b
ARSI, A2 - 725055 (Leeman
~Munk et al. ,2014) Z&F/N2EA U RR2AREE £ 1T
KT SCAR Gy B 7 25, SR 0 S e PE A B AR Bl
H 4 75 45 ( Gasevic et al. ,2014) FIE XA trd K
Xof 2 A MR T B R0 SO AT T e, SR 4 2R
7R 2E AR 1 B 0 1 AR 2 T S B R A
>R T JEE 5 QSR 2T RE X 2 A= AL AR bR T 45
A7 8 AR B R L e ot R o I

(=) XRS5 HAasmir M2

TEAELTi T, Jr A A R 2 ALE B B Se s
AT LARE B FRATT T A AN [R) 26 289 SCAIH B B85 BF 91 7R
SR A R A A B R R R R OC R, BRI AE
(Chiu & Fujita, 2014) $2 ) T —FF 74~ NFRAE 5
LM S B Z R R W B ——S R iR 4
Br(SDA) . ffiTx 17 £ % tEFE L BE HOR TR D
13 JABTS ) 1330 265 007 B AT S Hid 6 20 #r
SRR A NRHE A EOR 7 B 0T 51 7 5 L
Lkt 2soa N2 5 5 B2 B s B AENE . BRIEAR
ZE N (Chen & Resendes ,2014) 5RyHPME2: 2 WFFE
PR ) 24 3 ) B e, AT T P A & A OB IR SO
G AL BRI OT LA T 1 ) 3 1 A ) B [ A
2, I Lag-sequential 73 ¥R 15 i AT R00HE 9
AEIFEZ RN G R

L FANTERFHE
2] 3 B 1 IR 3% 98 K 1 5 5 (s

nal ) 31 H |, 2 H FHIM B TRk 24 A 12 2 K
B, IR SSTURIH T 827 ) 0 i e 3 TR R U H:
RHCFHE NI,

(—) B FF IR

Beopsp IR A 2 A e — Rk . PRI IR 2
WFFRE TR T A& HER R 7 ) R B A o7
>~ ﬂﬂﬁﬁﬁ%%(xmg et al. ,2014)5\%_\‘—LT%:‘F‘§&
FaEE T B A ST, ST
) MG AR 2T I S 2R 1, AT 1T 2 oz 3 3
FRRTR R RET Y L T TR )
VES WV 7 v . o5 — 7, 2 ARl A B
FJHE C R DGERA A SCIR . BT I 56 [ i i
HERE R 72 TF & 1 8 BB o ) Bl 5 22 58 (MATH-
ia) , 1L A RS A C RGBS H . FA
H 4 (Fancsali & Ritter,2014 ) 18 o 802% 2164
(ISR | SR I AR 2 2 X B8 PN 2 110 2%k 5 21
JE W R ) 2 2] 25 R 22 B 45 3 R 4 AR TR AR
HIA O %R B AR OCHY > R R B4

(=) & F %3 Bk

SRR ) B AR P I AR 22 R, anfer 25
S R R B oG, B S5 N (Taraghi
et al. ,2014) L [0 27 A= 75 ME U BRI Hh 27 ~) 3fe ik ik
ATRIGE, JF a0 2 2R 2 S TRIME A 730000, Sl 2 A 4
A i S Bl AT S 2R B R (Markov ) #5271
XF 4.4 TT 245 S SR EAT EAE T 2R
RSt fo DI Aff Bl 18 O 28 D 1, X RS o mT LA
FoR K A HE A2 2] S P i B ) R ME A B T 2
SR EEAPEAL B B . BUAT 2 2] e A AR Z2 g vl LA
& B IR)EE B RSB AR W5 ] 57 2 ) R, 7
1845 A (Mendiburo et al. ,2014) LA 25 1 fE D130 55
g ] 3O ) B 3 AT AT A et S TR R, e
B AUFREE b (2% 21 S A A7 ] ARSI 2 Az 1 27 )
PRIME , SR AT TP X 2 A AT DR | B ) R A 3
7] e 5. B e A I G N N R

S AR A I R AR R T TR
P A AN 2 B8 2R A Sl o 2] AR SR T
JRANPEAL 2 2T DL gt e BRIE B (1535 Bly 5 2 Vil m] DL TE
TEAEHD 1A AR 2 A TR M2 ) R B, o AR 4
BEASPEAL AT B, AR T 2 TR ECE AR
S S AE SCR R R R FAT HF REGTERY
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N FISEHF R

MR A e & TARKEJE,
SR HAE A 1 T 2 A 308 U ) g ATk -+ 40
PR, ARRHE T Al o S e A 20m Y
SR, ANRDRE 27 2T 73 Mt AT SRR B T B 27 > o
MrfBE AT — it

(—) FARG I F Fo 5 A

MR BE TR GIE 17O, Bkl £ 7
RIEZE JEILNE ~ orHrit &) . S Bl X SepLAL B A
IR R ST 27 > 53 B A, BT VR A A5 N (Arr-
nold et al. ,2014) I\ A DA ZLTF RN« 2% 3] Sr i 4%
TH” (LART) F7EZRIR A IR A LA > o
AN G R xb G, Bl 58 5 2 21 23 B St A7 5G9 o A
A Al SO A R A AR RO | A
HERAR, A S IR WoR BB AR IR ME A DA
AT )

A KB E AR 5 LA E 2 & e (HEL
PAE I A B A v B R PH s o 2Ltk
ZRGMGENRI, B S (Piety et al. ,2014) 4%
¥ NI 2 B T2 G B G ok T e S e
HTAFAHESL S RE B IR S It TIP3 A 7k
% (Gibson et al. ,2014) &1 T T iRV ERLAY
(The cognitive operation framework for analytics, fij FK
COPA) BB RN R B A2 o) 73 B R L4 &
ko ZARGT LR e B B HR R
o MATTRE—N BT A SR RIS B AT SE 8, S5O
TR I FRGE T DIAR S b AG I 27 > BT A0 R

(=) AR REE R RE

52 S BT AE— > K B e Anqer ey B 4
TEAE N (Drachsler et al. ,2014) /28 T faf 2224 ) 0¥
& W5 Be (LAST) JF J 1y — HU AL B RS (GCM)
5 MW AE A% 824 2] 3 AT ( Learning analytics )
M E EHE AR (educational data mining ) fifF 57 BHHK
AT OL T 0 27~ S0 BT AT 22 AT L FXURS: , 5t
) i A SCE R 2 2 SR T e A 22 ORI & b A 5
AR, WEFEEE IR W, 5 S B B O A R T
AFBITAEAL BB WESE 2 T BT SRBUR AR
SVEFE TR 2, X 27 2] S A A i 22 BOA IR &R
8 B AR AT AT, A [ £ AHOC 1 I — 2

.76 .

X F 55 A

FJRA T AR R R, B A2 MG
EBRARGE AL RGE M EUME RG]
TR R BOE U

(—)AHAARTH LA

PR B2 2) ( Real —world Learning ) J& 7R 5 2
Bl A E A (H H AT B AR PN T
BRIA I 3K (Okada & Tada,2014) $2 ) 7 —Ff 5
Gih R G I 2 2] th ) S P R (o )
AN AR IS DL ARG O 2 T 1 B0 ) 1907 125, 98 iUt
WA B AL 152 2] o 207 IR RBE U 7 ) & I F
110 YRR T S0 AR DG B AR 75, Al H 48R ) 3D
AL I REARIN A7 ] 35 SR AR 27 > R,

FH, 2 BB (Interactive Technologies ) 7F 2
PSR TR SRS R G AR R A 2
1 ARSI AL, S BUE SR B IZ I8 7 % 1L
VTR SO A AR 23 28 07 A REAS H A7 R 2
o PERZAE (Coopey et al. ,2014) #2117 2F B ZhHYAL
B MR —— P E 23 (8] 7347 ( Collaborative Spatial
Classification ) WX IE Pk R, 2 AR RUAN{E AT L[] s Ak
PR AA3 (8] Z2 Fh T H A AT Ak, 1 EL AT AR i 7™ 2
FEHE AT R B I S AL

() ERGHBFPHER

N AT 75 2 AN PRy i e F e o]
fE BRI, 1285 N (Raca et al. ,2014) $#2H T
— il PR A S T AR SR AR B R
B WU R, AT AR A 2 [R]
() [F] 20 B BAF TRV TR SR A, T AR S8 PIS15A 5E PR B
B B R NS EARR N, PO B A 8] R 20 F%
SR IE O AT LA B AR TE R K . WEGE K i
BRI 27 A SO A 3 ol B A 25 s ot
% “sleepers” lag”

B JR #3555 N ( Almeda et al. ,2014) #8357 2
UATTE 2 M 0 2 ol BE I e PR S, BRI, AP TE
DPURRE Y AL 08 B PR, BT BE bR di~y )
PN B R 2 DX U A1 ol PR R 2R b vk g — > T
FRHIE, [RIRE AR (TG e AR, BRI ) B2
e BUTRT PRAE S BE VO HE SR 7] — DN EHBER K

5] 5 B 1) DE DU AR AR =, 52 0 455 N ((Yuan
et al. ,2014) £& Hi i 1T FR M 09 i v (&1 (EEG ) A6 132
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H IR R E T E S S
WP A G, fH 3k i ) B2 0 A 49 B0 L, B R SF
(Grann & Bushway ,2014) /43 7 —Fp o] f4b4
FEE e 1 R A A Fe Hi——Capella K2 g 7 Hh %]
(competency map ) M BTt 58 3 1N H B9 of 72
RE 7 1 T REE Bl A A A 2 AR 230 Vi it , OC
TEABATARARADISE, B B B2 R IR A S 52
ARIIH,

NF I RATAT I R AS R

2% > S AT TE 34 Sk DU AF 11 5 Hb S 2R 745 (New
Horizon Report ) &[4 51) k52 Wil A ok B0 (1) H 2R
B ZBAR NI TI (KK 4-5 4F) 3] 2 1 F0l
(R 1N B AL I RN, 2 L2 2] 4y
MrERTEZE HoR M ZE 17 B AL P B i B
P, R ARAR SR PR AE 2 A X B A RN 2% Y )
MR B ARBAEAR 272 4 )
PIRZE A H B KR (R —) BRI — DR
A HIR R R R AE R T ), 3B R R
P P RS TREEHE HE 0% T
FEAREE 2RI A UM%

SR, 2% 2] e B B TR A TR B B, Kok
Ay R R B DL R

1) B0 B2 ) i RS 5 His, &
SREE 2 T2 AR AP &, 4 MOODEL | Sakai |
Blackboard \MOOCs %5 15 £ T i W FH, 2R fij 2% =)
SRT BRI N BEAE — R RGBT & FisdT,

R— LAK MXRESiNER

SWBWR | SWEE | £0thR SWERR
2011 4F 1 2 ST EEARTERE AR Ao
LAK11 A 27 H- | IngXk R F 55 HE B 1Y #E & ( Sie-
31 H mens,2010)
2012 4 4 L2 2] BT AR SR
e FIZEAE IR TAE A7 5
LAKIZ T30 0= | oty o 7 2 e e s
% (LAKI12,2012)
2013 4 4 - NN
. 3] 4y M OBEOUE ¥k
LAK13 ))j tlzzEIH—4 LA Bl (LAKI3.2013)
akis | T | e e
4 H28 H SRR SE

R BB IR TG B B — L, Ao o Bl AN fig
FHf R oE el B2 , TNt~ ~ 20 Hr R GE R & 75 2
THEW, EARKURE, TG —BE0PriEiE
FEB 5 ) R Sl . R GEAE R LR B A 45l

) RGEM GRS e — S, 3 m] LA R LA X R
KB R GE T S R R A4 0 (L 2) ,
AT R G VB BOE AR B R RS
&L W T AP ECR A A

WA TR

[ox [ |[ s || == |

A [ mmwE/
BRI
KERI
L¥5H

- 3he i

() KXo

»
#H
<
LS
R
Lt
I
EL

DIHE

B2 #RENBEEERE(EDS) Uiy iaRiEsh

2) W5 IR B SRk AR Y 2 2] A B H
TR 1E 28 DA — 114 27 A e 6 T 000 41 2 31~ 2
W SE S RAZ A . BRI U A f] 2R P o]
VARET AR T e GRS 12 9 LA 7 ~) RO AR
R/ (1 iy L R NI RS A NI S K ¢ /T
WFFE R R RN R 2080 JR BRI — R
BRI, i T B IR O EER 9, DR T R — Rl
RN FE 2 R A I A g, Anfa) T & — 2638 ]
RS SRS - 65 5~ B A IO 2 24 T 2 o i
PRI

3) Il o7 > o A B bR e AR AR 2 T T R
WEFE, AT I T S A b e A 28 A B K 4
FALIE IR 55 B I &5 95 B2y > 3 B AR e s
T, PELEL PRI R SR ~) Bt S8 4 P TR 1 244 3
sk 5 5 ) B O 1Y 42 T B (R K R A
2013) , Grires ) Bea MU, 2 R 2 > 23 |
B o3l AR, ST oA T AR SR A AT O
By B i B2, A 2 ) O3 BT X 4 (T e 38 4,
2014) , EPRFRAELL LY (1S0O) Al Pr T2 b 2>
(IEC) IEREAIR 3 1R 22 b1 & (JTCD) T2 36 &
5123(8C36) 1515 B HRTE 7 2 H 5 H AR
TFREHIBIESE, A 55 27 8 1SO/IEC JTC1,SC36 4
M TAEH WA, EHE WS TAEL L
VBT 220 o B 4R Z 4R, (SR7K AN, 2014 ), H AT A
A7 T Ad Hoc Group on Learning Analytics i H #/f 5%
H, [FIEEIMS JF &7 2] A5 73 BT ( Learning Caliper

« T




FxA, B T Lk FIpHERGOLREAIE—F B F T 55 ek B IRABURA

OER. 2014,20(6)

Analytics) FRUERIFSE (IMS,2014) , BR ¥ LACE 2% 3] 43
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Learning Analytics Development and Challenges
—— A Review on the Fourth International Conference

on Learning Analytics and Knowledge

WU Yonghe', CAO Pan’, XING Wanli*, & MA Xiaoling’

(1. School of Open Education and Learning & Shanghai Engineering Research Center of Digital
Education Equipment, East China Normal University, Shanghai 200062 ,China ;2. School of Information
Science and Learning Technologies, University of Missouri —Columbia, MO. USA 65201 ;3. Department
of Educational Information and Technology, East China Normal University ,Shanghai 200062, China ;
4. Department of Information, East China Normal University, Shanghai 200062, China)

Abstract: The Fourth International Conference on Learning Analytics and Knowledge ( LAK 14) was successfully
held on March 24 -28, 2014 in Indianapolis, Indiana, the United States of America. The conference focuses on the
intersection of research , theory, and practice on learning analysis related on learning technologies in educational psy-
chology, educational management, education, engineering, education data mining, computerized algorithms, data
visualization and its research development and their intersection. This paper introduces the background of the confer-
ence, and then describes the keynotes presentations by Art Graesser, Nancy Law and Scott Klemmer. Next, the authors
reviewed and analyzed those reports and papers systematically from the aspects of mathematics education, curriculum
and instructional design, mining and evaluation of teaching and learning process, learning resources, text mining
and semantic analysis , integration of education , as well as learning analysis diversification. At the end ,the authors
conclude and point out the hot research and development directions of learning analytics in the future such as gradual-
ly clearing analysis system concepts and theories of learning , research versatility of algorithms and models, develop-
ment of technical standards on learning analytics , supporting data—driven learning and assessment , application of in-
formation technology in the education and practice, promoting the deep development of education and accelerating di-
versified process. We hope that this article can promote systematic research of learning analytics and deep application
in education.

Key words: learning analytics ; data mining ; algorithm ; visualization ; educational theory ; MOOCs ; instructional de-
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