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A Continuing Process of Learning Analytics. System Modeling
and Mining of Online Learning Behavior
HU Yiling',GU Xiaoqing' & ZHAO Chun’

(1. Department of Educational Information Technology, East China Normal University, Shanghai 200062 ,
China ;2. Network & Information Center, East China Normal University, Shanghai 200062, China)

Abstract . With the fast development of sophisticated digital technology, learning mode has been digitized by the inter-

net and social media. Massive data of learning behaviors have been created and are growing , showing various forms

of learning behaviors, explicitly and implicitly , which carry the information critical to assess learning and promote in-

struction. In this paper, three probable directions of online learning behavior which including data mining and do-

main of application, learning behavior and analysis of behavior and analytical model of network behavior are re-

viewed. Then the behavior modeling mechanism of learners” online learning , establish three hierarchical model with

data , mechanism and result are discussed. Finally, from the experience of web data mining, the pattern of learning

data mining are categorized and analyzed. The research provides a framework and a good way to the analysis of on-

line learning behaviors, which has important practical value to fully motivated learning. It widely explores learner’s

potential and makes good use of the learning resources.

Key words : learning analytics; online learning ; analysis of behavior; data mining; system modeling
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